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[bookmark: _Toc236045289]Abstract:
The modern world is full of companies that consider knowledge as one of their most important resources in terms of boosting productivity, decision-making, and innovations. Nevertheless, the approaches used by these companies to share information among employees, including the use of document storage systems, emails, and face-to-face communications, can be rather ineffective, tedious, and disjointed. Consequently, there appears the need to find a more efficient approach to facilitate this process of exchanging information. Nowadays, the application of artificial intelligence in the form of chatbot systems represents one possible solution to overcome the identified problems.
In order to achieve the intended goals of obtaining a comprehensive description of the impact that chatbots had on users’ performance, a mixed-method approach was adopted. For the quantitative aspect, data collection was done using structured questionnaires with a Likert Scale rating format. The qualitative aspect involved conducting open-ended questions. For this experiment, a pretest-posttest design was adopted where participants completed an information search activity in the normal way before repeating the same using a chatbot tool.
According to the results of the study, the implementation of AI-based chatbots may lead to enhanced access to knowledge, allowing workers to find relevant information fast with the help of natural-language searches. The survey participants noted that the chatbot made it easier for them to search among several sources for information needed and facilitated the acquisition of organizational knowledge. Speaking of efficiency, the chatbot system was viewed as a time-saver, providing instant answers to queries.
Moreover, the research indicated that usability is one of the greatest strengths of chatbot technology. Most participants found the technology easy to use and understand despite lacking any technical knowledge. The use of the natural language interface was a contributing factor. Additionally, users were satisfied with the service offered by the chatbot, which made their work easier.
However, trust emerged as one of the primary barriers to the deployment of the chatbot platform. It is worth noting that the respondents raised their concerns about the reliability and accuracy of the data shared by the system. In some cases, it happened that users decided to verify the chatbot’s responses using traditional methods, especially in critical cases.
Even though the outcomes were favorable, there were no statistical differences detected regarding pre- and post-chatbot due to the fact that the sample size is very low. Additionally, since the chatbot was developed based on only a limited amount of data, there might be some negative influences on its efficacy.
Generally, the study helps a lot to understand the application of AI in knowledge management because it takes into account not only its feasibility but also how it is perceived by employees. According to the findings made during the research, the application of AI chatbot systems in helping people to exchange knowledge seems very promising. There are, however, several issues that have to be addressed; for example, lack of trust and accuracy of information.


[bookmark: _Toc236045290]1. Introduction:
1.1. In recent years, organizations have increasingly depended on knowledge as an integral resource in attaining competitive advantages and improving the organizational performance. The ability to successfully use knowledge has become vital in supporting organizations in decision-making, productivity, and innovation. However, when organizations become large and complex, managing knowledge becomes a problem, especially when the information is scattered in different departments and within individuals (Cerchione & Esposito, 2017).
In the past, knowledge sharing in an organization has relied on traditional approaches, which include the use of document storage, email communication, and direct interaction among the members of the organization. Despite the fact that these approaches are effective to a certain extent, they are often inefficient, time-consuming, and lead to loss of knowledge. In most cases, the members of the organization find it difficult to access the knowledge they need, especially when the knowledge is not stored in a centralized manner. Moreover, the organization risks losing knowledge when the members retire, which can affect the performance of the organization in the future (Koivisto & Taipalus, 2025).
Due to the advancement in digital technology, there is a need to explore the potential that exists for the use of AI in the improvement of knowledge management practices. The potential that exists for the use of AI is evident through its ability to process large amounts of data and generate insights that can improve the efficiency of knowledge creation and retrieval. The best potential for the use of AI for the improvement of knowledge management is evident through the potential offered for the use of chatbots (Jarrahi, Askay, Eshraghi, & Smith, 2023). 
The potential exists for AI-based chatbots to significantly change the way employees are able to access and share knowledge within an organization. By giving an instant answer to the queries raised by the user, the time spent searching for the information and the efficiency of the process can be improved. In addition, the system can also help in the standardization of the access of knowledge, as the relevant information is being imparted to the employee. However, the potential of the AI-based chatbots in the actual organizational scenario is an area that needs further exploration (Bernik & Šprajc, 2025). 
[bookmark: _Toc236045291]1.2. Research Problem 
Despite the growing acknowledgment and understanding of knowledge as an important strategic asset for organizations, many organizations still struggle to effectively and efficiently manage their knowledge. In the contemporary organizational environment, knowledge is often decentralized and resides with different departments, systems, and individuals. This creates problems with accessibility and utilization. Individuals often experience problems while trying to access relevant information, especially where knowledge is not centrally stored and managed. This leads to inefficiencies and problems with the decision-making process. This is where organizations experience problems with the utilization of their knowledge resources, which impacts their performance.
Conventional approaches to knowledge sharing, such as document repositories, email-based communication, and interpersonal interactions, are found to be ineffective in addressing these challenges. Although these approaches are effective in providing a basic framework for knowledge sharing, these approaches are found to be time-consuming and ineffective in a complex organizational structure. Employees may have to spend a significant amount of time searching for information or communicating with colleagues to obtain relevant information. This may affect productivity and workflow efficiency. In addition, these approaches are found to be highly dependent on individual knowledge holders. This may result in a loss of knowledge when these employees leave the organization. This again shows the need for more efficient knowledge management solutions (Koivisto & Taipalus, 2025). 
In response to these challenges, organizations have started to look for artificial intelligence (AI) technologies as a potential solution for improving the effectiveness of knowledge management practices. This is because AI has the potential for handling large amounts of information, recognizing patterns, and developing insights for improving decision-making processes in organizations. In this regard, AI-based technologies have the potential for improving the processes of knowledge creation, storage, retrieval, and sharing in organizations. Despite the increasing trends in the application of AI-based technologies for improving knowledge management practices, there is still a lack of clarity regarding the actual potential of AI-based technologies for improving knowledge-sharing processes in organizations (Pimentel & Veliz Palomino, 2024). 
One of the most significant uses of artificial intelligence in the field is the use of chatbot technology. Chatbot technology, based on artificial intelligence, enables the user to access information in real time using natural language. This minimizes the requirement to search for information. Chatbot has the potential to enhance the efficiency of communication by speeding up the process of information retrieval. Besides, the technology has the potential to enable the sharing of knowledge in a more consistent manner, thereby enabling employees to complete their tasks more effectively. Another significant advantage of the technology is the fact that the chatbot system has the potential to provide information to the user at any time (Sudin, et al., 2025). 
Despite all these potential benefits, there is an area that has not been sufficiently explored with regards to the implementation and utilization of AI-based chatbots in organizational knowledge management. Current literature has mainly focused on the technological capabilities of AI systems, with limited consideration given to the impact it might have on employee behavior, as well as building trust. Moreover, there is an insufficiency of empirical research with regards to how employees perceive chatbot systems, whether it is possible to build trust based on the information provided by the chatbots, and how this impacts knowledge accessibility and work efficiency. There are challenges with regards to system limitations and user acceptance (Gkinko & Elbanna, 2023). 
Therefore, it is important to note that there is an existing research gap with regards to the understanding of the practical application of AI-based chatbots with regards to the enhancement of knowledge sharing paradigms in an organizational setup. The importance of addressing the research gap is instrumental with regards to the potential of chatbot technologies with regards to addressing the shortcomings that exist with conventional knowledge management paradigms. The purpose of the study is to investigate the impact of AI-based chatbot systems with regards to the accessibility, efficiency, usability, and trust of the employees with regards to an organizational setup. This study is important with regards to understanding the potential of AI technologies with regards to the enhancement of knowledge management paradigms.
[bookmark: _Toc236045292]1.3. Research Aim and Objectives
The aim of this particular study is to assess the role played by artificial intelligence-based chatbot systems in improving knowledge sharing within organizations. In recent years, organizations have increasingly used artificial intelligence technology to improve knowledge management within their organizations. However, there is still little knowledge regarding the performance of these technologies within organizational contexts in relation to employee experiences and behaviors. This particular study aims to evaluate the role played by chatbot systems in improving knowledge sharing within organizations in terms of aspects such as knowledge accessibility, knowledge efficiency, knowledge usability, and knowledge trust among employees.
This particular research aims to provide a better understanding regarding whether artificial intelligence-based chatbot systems can improve knowledge management within organizations while addressing some of the challenges faced in traditional knowledge management approaches. 
To accomplish this purpose, the following objectives have been formulated for the present study: 1- To investigate the role of AI-based chatbots in the enhancement of knowledge accessibility in the organization.
2- To evaluate the impact of the chatbot system on work efficiency and the process of information retrieval.
3- To evaluate the usability of the chatbot system from the employee point of view. 
4- To analyze the level of trust between the employees and the information provided by the chatbot system. 
5- To examine the challenges and limitations of the use of the chatbot system in the organization.
[bookmark: _Toc236045293]1.4. Significance of the Study
This study is significant because it helps in the understanding of the potential contribution of artificial intelligence (AI)-based chatbot systems in the process of knowledge sharing in organizations. As organizations increasingly rely on knowledge as one of the key resources, it is vital to enhance the process of knowledge access and sharing in the organization in order to enhance performance and productivity. The study helps in understanding the potential contribution of the chatbot system in addressing the shortcomings of the traditional knowledge management system.
From a practical point of view, the results obtained by this study can be useful to organizations to understand the potential benefits of implementing AI-based chatbot systems in their organizations to achieve effective KM. This study proves the potential benefits of chatbot systems with respect to the accessibility of knowledge, the efficiency of information retrieval, and assistance with daily work to their employees. In addition, this study provides insight to organizations about important factors like usability and employee trust, which are considered to be critical factors while implementing chatbot systems.
From the academic point of view, the contribution of this research to the existing body of knowledge lies in the fact that it fills the gap in the research in the application of AI-based chatbots in organizational knowledge sharing. Unlike past research studies, which were more focused on the technical capabilities of AI systems, this research places more emphasis on the perceptions of the employees.
Overall, the study makes a contribution to theory and practice by providing evidence on the contribution of AI-based chatbot technology to the enhancement of knowledge sharing in organizations. Such a study will be useful in guiding further research and informing practice in the adoption and implementation of chatbot technology.

[bookmark: _Toc236045294]2. Literature and critics survey
[bookmark: _Toc236045295]2.1  AI and knowledge management systems
Artificial intelligence assists organizations in refining their creation, sharing, and recollection of knowledge. The majority of the knowledge processes prior to artificial intelligence relied on human beings and manual processes. This turned the process of knowledge creation slow and minimal as it relied solely on the human experience. Artificial intelligence enables companies to process big data and transform it into valuable information. This can then be applied when making decisions and daily work within the organization. In matters of knowledge creation, artificial intelligence enables the system to acquire knowledge based on both existing and new data. It will be able to detect patterns and trends that are not easily visible to human beings. It is on this that the system will be able to come up with new insights and facilitate innovation. It implies that creation of knowledge is no longer solely the responsibility of people but also of smart systems that are learning as they progress. Thus, artificial intelligence makes it quicker and more productive to create some knowledge. Knowledge sharing among the employees is also enhanced by artificial intelligence. Knowledge in most organizations was always contained in a particular department or by a group of employees. Artificial intelligence (AI) is one of the ways of addressing this issue, as it will make the knowledge convenient to all people. This practice enhances communication, team work and minimizes time wasted during the work process. Artificial intelligence also enhances knowledge retrieval. Such systems are knowledgeable of the human language and can quickly retrieve the required information. This is useful in time and error saving. In general, knowledge creation, sharing, and retrieval is enhanced through artificial intelligence, which is easier and more efficient to manage the knowledge process (Bencsik, 2021). 
[bookmark: _Toc236045296]2.2. Closely associated is artificial intelligence work, knowledge sharing and organizational creativity.
The connection between artificial intelligence and organizational outcomes, in particular with regard to creativity and the processes associated with knowledge, has been studied previously. Other related work has indicated that the capability of the artificial intelligence cannot stand alone within the organizations but it requires complementing factors to demonstrate its significance. Knowledge sharing is one of the most significant aspects that are presented in the literature. According to researchers, the ability of artificial intelligence is capable of assisting organizations to utilize their resources more effectively, although the actual difference is noticed when the employees are ready to share their knowledge with one another. 
Some of the studies describe that the capability of artificial intelligence enhances knowledge sharing as it helps in supporting collaboration, communication and access to data within organizations. It also enhances the interaction of the workers with the information as well as with one another when organizations invest in artificial intelligence technologies. This provides a platform upon which employees are able to share their experiences, ideas as well as expertise with each other in a hassle-free manner. Consequently, the flow of knowledge among people and departments is also increased and it aids in learning and solving problems. Other related works also demonstrate the importance of sharing of knowledge in enhancing organizational creativity. Research has indicated that in cases where the employees share knowledge the organizations become more innovative since ideas are merged and generated together. Sharing of knowledge assists employees to develop on ideas of others which translate to development of new solutions, products, and services. Artificial intelligence reinforces this process by simplifying the knowledge storage, retrieval, and reuse. Moreover, the literature also indicates that cohesion is an organizational factor that is important in this relationship. High levels of organizational cohesion enhance trust among the employees and hence they are more likely to share knowledge. The knowledge sharing is more efficient when there is artificial intelligence capability that is supported by the cooperative and connected organizational environment, and the organizational creativity is further enhanced. On the whole, the literature related demonstrates that the ability to use artificial intelligence increases organizational creativity primarily due to the knowledge sharing, but not as a solitary technological parameter (Li, Yan, Yang, & Gu, 2022). 
[bookmark: _Toc236045297]2.3. The application of artificial intelligence tools to aid in knowledge management.
Tools of artificial intelligence have significance in aiding in the management of knowledge within organizations. The previous knowledge management systems relied on manual processing and simple databases before the application of artificial intelligence. This created problems of handling vast quantity of knowledge and updating it. Knowledge management systems became more effective with artificial intelligence, since the AI tools allow living to gather, store, and utilize knowledge more effectively. Artificial intelligence aids in the management of knowledge because it operates on explicit knowledge and tacit knowledge. The tools based on AI are capable of gathering the knowledge available in various sources and compiling it in a systematic way. This simplifies the knowledge to the employees. AI systems are able to learn the data as well as the past experiences instead of relying on documents. This assists the organization in enhancing its knowledge. The knowledge retrieval is also enhanced by means of the artificial intelligence tools. The staff members do not have to browse numerous files or databases any longer. With the intelligent systems, they are able to receive the knowledge they require at a quicker pace. Such systems interpret the request by the employee and access the associated information. This assists in decision making and problem solving, as well as saves time. Knowledge sharing within the organization is also supported using artificial intelligence tools. Expert systems, neural networks and case-based reasoning systems are the tools that are able to transform an individual knowledge into a shared knowledge. This minimizes the reliance of some employees and assists in preventing loss of knowledge when the employees walk out. Simultaneously, they are used to enhance the interaction and education across departments. In general, artificial intelligent technologies are useful in managing knowledge and facilitate it by easing its creation, storage, sharing, and searching (Culbida, Mylonas, Troussas, Krouska, & Sgouropoulou, 2025).
[bookmark: _Toc236045298]2.4. Artificial intelligence constraints and shortcomings in knowledge management.
According to (Taherdoost & Madanchian, 2023), artificial intelligence is not only advantageous but it also has numerous issues when it is applied in knowledge management. The quality of knowledge is one of the major issues. Artificial intelligence relies on the knowledge that is stored within the system. In case the knowledge is not correct or not updated then the system will not operate in the manner it was intended to operate. This is likely to bring about erroneous outcomes and bad decisions.
(Olan, et al., 2022), also discuss the issues of artificial intelligence, though they pay more attention to sharing knowledge. They state that it is impossible to have any useful artificial intelligence systems when employees fail to share their knowledge. Even in a case where the system is robust, it cannot work well with the knowledge remaining in hands. That demonstrates that artificial intelligence is not sufficient.
Both articles concur that knowledge management cannot be alone with the artificial intelligence. It must be supported by the organization (Taherdoost & Madanchian, 2023) discuss more problems associated with the systems, including the problems with the implementation and technical specifications. The problems in (Olan, et al., 2022) are more related to people, including behaviour of employees and their reluctance to share knowledge.
Both articles are not entirely consistent in identifying the key limitation. According to (Taherdoost & Madanchian, 2023), the use of artificial intelligence can be improved by better implementation and better knowledge structure. Even with a good system, (Olan, et al., 2022) contend that without sharing knowledge, the concept of artificial intelligence will not be fitted, despite having good systems.In general, there are numerous issues in using artificial intelligence as a tool in knowledge management as revealed in both studies. These areas are systems, knowledge and people related challenges. Knowledge management can be assisted by artificial intelligence although it is only in a situation where the knowledge is shared and its proper management within the organization.
[bookmark: _Toc236045299]2.5. Earlier investigations that combine the artificial intelligence and the knowledge management systems in organizations.
Artificial intelligence has already been utilized in knowledge management systems in past studies. The primary concern of (Anshari, Syafrudin, Tan, Fitriyani, & Alas, 2023) is machine learning in knowledge management. Their work describes the application of machine learning to enhance knowledge management systems. They demonstrate that artificial intelligence is used to organize the knowledge and process bigger volumes of data. Their research is primarily oriented on system improvement and lessening of manual work in knowledge management. The article by (Pai, et al., 2022) also discusses the application of artificial intelligence in the knowledge management systems, although in a different context. Their article addresses dozens of other studies and describes the way in which artificial intelligence is integrated with human beings and technology. They demonstrate that previous systems attempted to provide the support of knowledge sharing and cooperation among the employees. Their analysis focuses more on the position of people along with artificial intelligence. The two papers share the view that artificial intelligence has been applied in knowledge management systems. Another thing that they both agree on is that machine learning is one of the primary technologies that are utilized. They do not, however, focus on the same thing. (Anshari, Syafrudin, Tan, Fitriyani, & Alas, 2023) are more focused on the technical improvement of the system. The authors in (Pai, et al., 2022) pay more attention to the interaction of technology and people. All in all, these studies demonstrate how artificial intelligence has been incorporated into the knowledge management systems in previous studies.
[bookmark: _Toc236045300]3. Chatbots as an enabler of knowledge flow.
[bookmark: _Toc236045301]3.1. Intelligent chatbots overview of knowledge exchange.
Communication and exchange of knowledge is facilitated by intelligent chatbots. Chatbots refer to systems that enable the user to talk to a system either through voice or text. They serve the primary purpose of providing information to the users and answering questions. Chatbots with the help of artificial intelligence comprehend what the user is requesting, and provide answers. This renders chatbots to be handy in knowledge sharing.According to (Zhang, Xu, Liu, & Chen, 2024), business chatbots are applied to facilitate communication within organizations. Their research states that chatbots assist in availing information to them without necessarily having to call another person. They say that chatbots are applicable anytime and that assist the users to access information fast. Their research indicates that chatbots facilitate communication by facilitating the availability of information when it is required. (Al-Sharafi, 2022) also addresses the issue of AI-based chatbots, but it also addresses more factors of knowledge management. Their article describes the fact that chatbots facilitate knowledge sharing and knowledge use. They demonstrate that chatbots are used by users to pose questions and receive information within the system. This aids users to gain access to knowledge very easily and saves time on the search of information. In both works, chatbots assist in knowledge sharing. They state that chatbots enable users to be linked with the existing knowledge within the system. The users do not have to go through documents by inquiring the chatbot directly. This simplifies the process of acquiring knowledge and increases its speed. Chatbots are also useful in ensuring that information is provided to the various users.
In general, smart chatbots are significant in knowledge exchange. They contribute to the enhancement of communication and the ease of knowledge. This demonstrates that chatbots can facilitate the flow of knowledge, which is easy and proximate access to information.
[bookmark: _Toc236045302]3.2. Chatbot application in intra-corporate communication.
Chatbots are applied within any organization to facilitate internal communication. These chatbots are predominantly used by the workforce in their day to day job. They aid workers in acquisition of information and achievement of simple tasks. Chatbots, by being members of an internal system, assist in supporting communication and knowledge usage.The article (Stoeckli, Uebernickel, & Brenner, 2019) examines the applications of chatbots in communication systems of enterprises, including Slack and Microsoft Teams. In their article, they describe the applications of chatbots within these applications to facilitate contact between employees and systems. They demonstrate that chatbots are useful in providing employees with access to information at the time of work and in eliminating the necessity to use multiple tools. Based on their research, chatbots are included in the internal message system and assist in everyday work.
The article by (Marvi, Foroudi, & Cuomo, 2025) focuses on the application of artificial intelligence in organizations in a wider perspective. Their analysis is artificial intelligence in marketing and knowledge management. They state that artificial intelligence assists in sustaining communication and knowledge application in organizations. Their analysis indicates that AI tools are used in decision making and assisting employees in utilizing information in the process of working although the emphasis is not solely on chatbots.Both papers concur that artificial intelligence can be used to enhance internal communication within organizations. They demonstrate that AI tools assist employees in accessing information in a simpler manner and less effort is required to locate knowledge. The similarity between the two papers is also that AI aids in bridging between employees and organizational systems.Yet, the two research works differ in terms of focus. The article (Stoeckli, Uebernickel, & Brenner, 2019) concentrates on the chatbots that are deployed within the enterprise communication solutions. The general use of the artificial intelligence in managing knowledge and organizational communication is the more concentrated theme in (Marvi, Foroudi, & Cuomo, 2025). Although they are concerned with different elements, both articles indicate that AI facilitates the internal communication and use of knowledge.Altogether, these researches demonstrate that chatbots and artificial intelligences can facilitate the internal company communication. They assist workers in the retrieval of knowledge and assist the utilization of knowledge in the day-to-day operations.
[bookmark: _Toc236045303]3.3. Related work on chatbots as knowledge flow enablers will be discussed.
The articles mentioned above indicate that chatbots have served to facilitate the knowledge flow primarily by facilitating easier access to the information. Most of the literature demonstrates that chatbots assist users in finding information within a relatively short time and do not need to search systems. According to (Zhang, Xu, Liu, & Chen, 2024), chatbots are applied to respond to questions and offer information in a simplified manner. It is also demonstrated that users use chatbots to pose questions and receive the knowledge needed (Al-Sharafi, 2022). Chatbots are perceived as a means of simplifying knowledge access in both works. Other research pays more attention to chatbots within the organization (Stoeckli, Uebernickel, & Brenner, 2019) clarifies that chatbots are implemented within the enterprise communication platform like Slack and Microsoft Teams. Their research indicates that chatbots are applied in day-to-day working and are incorporated in the routine communication of employees and the systems. This assists the employees to receive the information even when he or she is working without having to leave the communication platform.
The general findings of most studies confirm that chatbots are used in facilitating communication by enabling the users to communicate with the systems through simple language. According to (Zhang, Xu, Liu, & Chen, 2024), chatbots are a type of robot that responds to the input and gives information without the need to intervene. According to (Anshari, Syafrudin, Tan, Fitriyani, & Alas, 2023), knowledge sharing and knowledge use is facilitated by this kind of interaction. The latter is also demonstrated by (Stoeckli, Uebernickel, & Brenner, 2019) as users find chatbots helpful due to their convenient use and availability at work. Every research depicts that this enhances knowledge flow in one form or another.
Nevertheless, all the studies are not oriented to the same problems. The primary attention of (Zhang, Xu, Liu, & Chen, 2024) is devoted to the functionality and functionality of chatbots. Their research devotes more importance to chatbot functions and capabilities. The reason is that (Al-Sharafi, 2022) pay more attention to the aspects of knowledge management and clarify the influence of knowledge sharing and knowledge use on the use of chatbots. The article by (Stoeckli, Uebernickel, & Brenner, 2019) is more concerned with the integration of chatbots into the work and internal communication of an organization. Another crucial point to add to this discussion is the study by (Davenport & Kirby, 2020). Their analysis elaborates that artificial intelligence must not substitute human beings, but assist them. When this is transferred to chatbots, it reveals that chatbots rely on human beings to learn and refresh knowledge. Chatbots will not perform effectively in case the knowledge in the system is of low quality. It is emphasized in this research that chatbots can be useful only when they are used together with human workers.
There are also a number of constraints that are seen in these studies. Among the limitations, it is worth mentioning, that, chatbots are reliant on the quality of the knowledge provided in the system. The complex nature of the questions is another limitation because chatbots may fail to comprehend them. We are also informed by some studies that users do not necessarily rely on chatbot answers, particularly when it comes to serious things. Owing to this chatbots are mainly used in support and information, as opposed to complete decision making. In general the associated work demonstrates that chatbots contribute to the process of knowledge flow by making communication and access to information more accessible. Simultaneously, the research reveals to us the fact that chatbots possess limitations, and require human intervention and organizational backup. This demonstrates that chatbots cannot be used as solutions to knowledge management but as a support tool.
[bookmark: _Toc236045304]4. Knowledge extraction Natural language processing. 
[bookmark: _Toc236045305]4.1. Overview
Text data are processed with the help of natural language processing and help extract useful information. Much of the knowledge in organizations is in the unstructured form of text like emails, reports, documents and internal messages. Due to this reason, the natural language processing is gradually utilized to aid in the organization and interpretation of the textual knowledge. In this context, this section provides a brief introduction of natural language processing before proceeding to more related work in the following sections.According to the previous studies, natural language processing is used to process large amounts of unstructured text generated within organizations. Such studies elaborate on the fact that linguistic methods are applied in order to recognize valuable information, identify patterns and aid in extracting knowledge in a text. Documents and reports are frequently processed with the help of natural language processing to comprehend the activities of an organization better and help to make decisions.
It has also been researched that natural language processing assists in turning unstructured text into structured knowledge which can be stored again and accessed. Organizations will be able to manage their knowledge and facilitate learning through the ability to extract significant information out of text. Altogether, this demonstrates that natural language processing is a significant tool used in the processing of textual data and the facilitation of knowledge extraction in companies (Kang, Elliott, & Xiao, 2020).
[bookmark: _Toc236045306]4.2. Knowledge extraction NLP techniques. 
The natural language processing assists systems in addressing the text written by humans. Most of the knowledge in organizations is documented in the form of documents like reports, manuals, technical files and other documents. This information is not normally arranged in a straightforward manner thus becoming hard to search and use. Due to this fact, natural language processing is employed in order to aid extraction of knowledge in text. Natural language processing is relevant as it assists systems to read the text and extract useful information out of it. The system has the ability to comprehend what the text is about by analysing words and sentences. This allows one to find the required information very easily than reading a pile of documents. In place of the use of basic keyword search, NLP assists in collecting documents and locating pertinent data.
The application of natural language processing makes the stored knowledge more accessible as well. Documents arranged with the help of NLP allow finding the information easier by employees. This saves on time and makes them utilize the knowledge they have at their work. It also saves the time that is required to go through numerous documents. Generally natural language processing assists in extracting knowledge by enabling the organizations to process a big volume of unstructured text. NLP is used to convert written information into usable knowledge that may be used in daily work and decision making (Kang, Elliott, & Xiao, 2020). 
[bookmark: _Toc236045307]4.2.2. Entity extraction
One method by which to conduct unstructured text is through entity extraction, which identifies important information within the unorganised text. This simplifies the text as a knowledge.  A number of studies use entity extraction to massive collection of documents with the aim of deriving the important concepts and meaningful information in a text.
One paper is concerned with the use of natural language processing to elicit knowledge out of unstructured patent documents. In this work, it is demonstrated that NLP is applied to large body of text to discover significant terms and ideas. Unstructured patent documents can be transformed to structured knowledge by extracting entities. The overall goal is to simplify the search and use of technical knowledge in documents (Souili, 2017).
The other research uses entity extraction on the medical field to assist in the extraction of knowledge in unstructured documents. This paper describes the NLP techniques applied to extract the appropriate entities out of medical text and match them against model knowledge structures. The research demonstrates that entity extraction is useful to structure large volumes of text and aid in the establishment of knowledge bases. The system can be used to extract entities in documents and thus store and reuse significant medical knowledge in a more efficient manner (Denis Cedeño Moreno).These two studies all concur that entity extraction is a significant part of knowledge extraction of unstructured text. They demonstrate that key entity identification assists in free text processing transforming it into more organized information. One is utilizing patent and the other medical text but they all lead to the same aspect. Although the papers consider different areas, they both demonstrate that entity extraction is effective when there is substantial quantity of text. 
[bookmark: _Toc236045308]4.2.3. Intent recognition
The intent recognition can be used to interpret what a user is attempting to do based on the text he or she has written. When the user communicates with systems through a natural language, the system must be able to know the intention of the message. This becomes more crucial when it comes to chatbots and other systems that rely on user input to deliver information or assist in the extraction of knowledge. One of them examines the intent recognition in a conversational system. It describes the process by which user input is interpreted sequentially to determine the intent. It is aimed at the preparation of the text and aligning it with predetermined intentions to allow the system to decode the user request. The primary goal is to enhance the response of conversational systems to users (C. B. Chandrakala, 2024).The other study is concerned with the advancement of intent recognition through the study of the sentence structure and word order. It reveals in this work that the appearance of words in a sentence can assist the system in comprehending the intent of the user. The research uses the machine learning to enhance accuracy in handling small texts like user queries. It primarily deals with enhancing the dependability of the intent recognition by analysing the user input when making a decision (Tiefeng Wu, 2024).
The two articles demonstrate that intent recognition can be significant in interpreting user input. Although one of the studies emphasizes intent recognition application within conversational systems and the other emphasizes on enhancing model performance, both of them emphasize intent recognition usage in facilitating communication. A compilation of the two studies demonstrates to us that knowing the intent of the user do help the systems to respond better and facilitate communication.
[bookmark: _Toc236045309]4.2.4. Dialogue management
The dialogue management manages system responses in a conversation. It assists in making a choice as to what to do next depending on the input by the user. This maintains the clarification of the conversation when the users pose numerous questions.One study examines how dialogue management is managed in conversational systems in various ways. This document describes that conversations can be handled by rules, data-driven approaches, or policies that are used by systems. It demonstrates the role of dialogue management in ensuring the system maintains a record of the conversation and also in making the selection of the next response. The key point of this research is to describe the work of the dialogue management and the ways of its application in various conversational systems (Brabra, 2021).
Dialogue management is discussed in another study through planning. It illustrates dialogue management as being able to plan out the next step in the discussion. This assists the system in dealing with more complex conversations of longer length. This assists the system to address the more lengthy and convoluted conversations. The primary purpose of the study is to conduct a review on the possible assistance of planning-based dialogue management in steering system responses (Teixeira, 2022). Both papers demonstrate that conversational systems are significant to dialogue management. One of the studies considers dialogue management in general, whereas the other study looks more on planning. Although the two papers have different approaches, they both demonstrate that dialogue management assistance keeps the discussions in order and assists the system to engage the users more.
[bookmark: _Toc236045310]4.3. Weaknesses and shortcomings in NLP based knowledge extraction.
Taking a glance at the studies, we could observe that unorganized text is worked on with the help of natural language processing and the knowledge is extracted out of it. Various jobs are handled by different means such as entity extraction, intent recognition, and dialogue management. These assist the system to handle text and to comprehend users in the course of interaction. The studies are however, also not without limitations. The major downside is that the majority of the studies concentrate on a single technique. Entity extraction, intent recognition and dialogue management are typically researched independently. Due to this reason, there are several systems that can support only one aspect of the whole knowledge extraction process and do not integrate the techniques with each other. The other weakness is that most of the methods rely on rules, models, or training data. These systems can fail particularly when the text is altered or a new information emerges. It implies that the quality of the extracted knowledge may decrease when the data is not updated. This may become an issue in organizations with a high rate of information change.
The technical outcomes that are addressed in the studies are mostly precise or system results. Little is paid to the way these systems are applied in actual organizations. Such problems as the user trust, usability, the compatibility of systems with the current work processes are not discussed in detail. The literature demonstrates that NLP methods can be useful in terms of knowledge extraction, yet the gaps remain. There are insufficient studies which integrate various NLP techniques into a single system and apply them in actual organisational contexts. These gaps demonstrate that there is more to do to improve the support of knowledge management by NLP.
[bookmark: _Toc236045311]5. Methodology
5.1. This study adopts a mixed-method research approach to examine the effectiveness of an artificial intelligence (AI)–based chatbot in improving knowledge sharing within companies (Fetters, Curry, & Creswell, 2016). The aim of using this approach is to collect both measurable data and descriptive insights that can help evaluate how chatbot systems influence the way employees access and share knowledge within an organization. A mixed-method approach is appropriate for this research. The reason for it is that it allows the systematic measurement of employees’ perceptions, experiences, and observed improvements related to knowledge accessibility, workflow efficiency, and trust in AI-driven systems, while also capturing deeper insights into user experiences.
With the help of structured quantitative data, the study can identify patterns in employee responses and determine whether the use of AI chatbots can help in efficient knowledge sharing and easy access to information. Additionally, the use of qualitative data collected from open-ended responses can help in gaining more knowledge about employee responses, issues, and expectations. This can help in a more comprehensive analysis for the collected data and provide clear evidence about the use of AI chatbots in knowledge management.
5.2. The methodology is also aimed at addressing the research questions as they relate to the existing barriers to knowledge sharing, as well as the impact of AI chatbots on the knowledge flow within an organization. In many organizations, employees often experience some barriers when trying to access information within the organization (Razmerita, Kirchner, & Nielsen, 2016). This study aims to investigate whether the use of AI chatbots can help reduce the barriers experienced when accessing knowledge within an organization. The data collection process will be through the use of a structured questionnaire to be administered to the employees within the organization. The questionnaire will be administered to employees with different experience levels within the organization. This will help in gaining a broader understanding of the knowledge-sharing process within the organization. This approach will help in the comparison of the knowledge-sharing process before the introduction of the chatbot and the knowledge-sharing process after the introduction of the chatbot.
5.3. By focusing on the survey-based approach, the study is able to ensure objectivity, scalability, as well as ease of analysis while ensuring alignment with real-world organizational constraints. Surveys provide an opportunity for the data to be collected from various employees in an ordered fashion, hence facilitating the comparison as well as the identification of the patterns within the results. This method is also practical in organizational environments because it allows employees to participate without significantly interrupting their daily work activities. The findings of this study are expected to provide practical insights into how AI chatbots can support knowledge sharing within companies. In addition, the results may offer evidence-based recommendations for organizations that are considering the adoption of AI chatbot systems as a tool for improving internal communication and knowledge accessibility.

[bookmark: _Toc236045312]6. Research design 
The research design of the study is exploratory evaluative in nature and comprises three major phases. The exploratory evaluative research design is particularly important for the research study because it not only helps the researcher understand the challenges faced in knowledge sharing in an organization but also helps in evaluating the effectiveness of the proposed solution of an artificial intelligence-based chatbot in overcoming these challenges.
[bookmark: _Toc236045313]6.1. Exploratory Phase
This phase is centered on the identification of the current barriers to knowledge sharing in different companies. It is possible to find different challenges among the employees of different companies, where the employees might be facing difficulties in accessing the required information. During this phase, the perceptions of the employees about the current knowledge-sharing approaches and their attitudes towards artificial intelligence and chatbot technology will be investigated.
[bookmark: _Toc236045314]6.2. Development Phase
The second phase involves the design and implementation of a prototype AI chatbot intended to support organizational knowledge sharing. The chatbot is developed to assist employees in accessing relevant information and retrieving knowledge from internal organizational resources. The goal of this phase is to create a functional system that demonstrates how chatbot technology may improve the accessibility and flow of knowledge within the organization.
[bookmark: _Toc236045315]6.3. Evaluation Phase
The last phase focuses on the evaluation of the effectiveness of the chatbot in enhancing knowledge sharing. The feedback and responses from the employees are used to assess whether the chatbot improves knowledge sharing in an organization. This phase ensures that the researcher measures the impact of the chatbot system and determines the potential value of the system in knowledge management.
Moreover, this research design can be used to carry out a study that not only aims to explore the problem but also to find a possible solution to the problem. The exploratory phase ensures that the researcher identifies the problems affecting employees in knowledge sharing. The development phase ensures that the researcher creates a system that can help in solving the problems identified in the previous phase. The evaluation phase ensures that the researcher measures the effectiveness of the proposed solution based on the data collected. This ensures that the study not only focuses on the problem but also offers a possible solution to the problem, which means that the study can be considered practical. Therefore, the research design offers a clear and logical process to explore the role of AI chatbots in knowledge sharing in an organization.
[bookmark: _Toc236045316]7. Research Approach
The research method for this study will be a mixed research method that incorporates both qualitative and quantitative research approaches. The use of both approaches will ensure that the research provides a comprehensive understanding of the role of AI chatbots in knowledge sharing in organizations. While the qualitative approach will focus on the experiences of the employees, the quantitative approach will provide data for the evaluation of the effectiveness of the chatbot system.
[bookmark: _Toc236045317]7.1 Qualitative Approach
The qualitative method is used in the exploration of the experiences of the employees, trust problems, and challenges in the organization in terms of knowledge sharing and the use of AI technology. Through the use of the qualitative method, the research is able to understand the feelings of the employees in terms of the use of chatbot technology. In addition, the research is able to understand whether the employees have trust in the information provided by the chatbot technology. Through these aspects, the research is able to have a deeper understanding of the impact of chatbot technology on the collaboration of the organization.
The core of the qualitative method will be based on thematic analysis, and its qualitative coding framework is shown in Table 1 below. Braun & Clarke framework will be used, which includes six phases: “(1) familiarization with data, (2) generating initial codes, (3) searching for themes, (4) reviewing themes, (5) defining and naming themes, and (6) writing the report” (Ahmed, et al., 2025)
Table 1
Qualitative coding framework: thematic analysis
	Method
	Thematic Analysis - Braun & Clarke

	definition
	- qualitative method used to identify, analyze, and report patterns or themes within data
- focuses on interpreting meaning from participant responses- flexible approach suitable for small datasets
- widely used in social and organizational research

	justification
	- appropriate for analyzing open ended questionnaire responses in this study
- allows identification of recurring patterns in employee perceptions of chatbot usage
- suitable for small sample size where deep interpretation is more valuable than large scale coding
- does not require specialized software such as NVivo

	data source
	- open ended questionnaire responses
- participant feedback on chatbot usage
- comments on usability, trust, and efficiency

	coding approach
	- manual coding applied due to limited dataset size
- responses reviewed and labelled with initial codes
- codes grouped into broader themes based on similarity

	analysis stages
	- familiarization with data
- generating initial codes
- searching for themes
- reviewing themes
- defining and naming themes
- writing the report

	output
	- themes representing key user perceptions
- grouped insights explaining quantitative findings

	THEMES AND CODES

	Code
	Description
	Theme

	fast access
	information retrieved quickly
	efficiency

	reduced search time
	less time spent finding information
	efficiency

	improved workflow
	tasks completed faster
	efficiency

	easy to use
	system simple to interact with
	usability

	intuitive interface
	minimal learning required
	usability

	clear responses
	answers easy to understand
	usability

	accurate answers
	responses relevant and correct
	reliability

	inconsistent responses
	answers sometimes unclear or incorrect
	reliability

	lack of trust
	doubts about chatbot responses
	trust issues

	reliance on system
	willingness to depend on chatbot
	trust issues

	time saving
	reduces effort in finding info
	productivity

	task support
	assists with daily work tasks
	productivity

	limited knowledge
	chatbot lacks some information
	system limitations

	needs improvement
	suggestions for better features
	system improvement

	feature expansion
	request for more capabilities
	system improvement


7.2 Quantitative Approach
The quantitative method is employed in determining the improvements in knowledge sharing and information access following the implementation of the chatbot. It is based on quantifiable elements such as response time, ease of access of information, and perception of productivity. The data collected by employing a structured questionnaire will enable the researcher to analyze patterns in employee response data before and after the implementation of the chatbot. It is a clear way of demonstrating the effects of AI chatbots on knowledge management in an organization. Three different tests will be employed on the collected data and variables in determining whether there is a statistically significant relationship and correlation (Kim, 2017).
Quantitative variables were measured using grouped Likert scale items. Knowledge accessibility is the ease and rapidity with which employees can access the required knowledge. Efficiency is the extent to which the chatbot helped employees reduce time and efforts required to finish work related to the information-seeking task. Usability is the ease with which employees can interact with the chatbot, the ease with which they can understand the responses generated by the chatbot, and the ease with which they can use the system. Trust is the level of trust employees have in the responses generated by the chatbot. Satisfaction is the level of satisfaction employees have with the chatbot and their willingness to use it again in the future. Responses to the items measuring the quantitative variables were recorded on a 5-point Likert scale ranging from strongly disagree to strongly agree.
[bookmark: _Toc236045318]7.2.1 T-test
The first critical quantitative measure that will be utilized is paired t-test, as summarized in Table 2 below.
Table 2
Paired t-test details
	Test Type
	Paired T-Test

	definition
	- statistical test used to compare means of two related samples- evaluates whether difference between paired observations is statistically significant- applied when same participants measured under two conditions (before vs after)- assumes differences are approximately normally distributed

	formula
	t = (mean_after - mean_before) / (sd_diff / sqrt(n))

	justification
	- allows direct comparison of same participants before and after chatbot usage by reducing variability caused by individual differences
- appropriate for evaluating intervention impact where measurements are taken under two conditions for same sample
- suitable for Likert scale data treated as interval for mean comparison in small
-scale studies
- provides clear indication of whether observed improvements are statistically significant rather than due to random variation

	variables tested
	- before_access vs after_access
- before_efficiency vs after_efficiency
- before_satisfaction vs after_satisfaction

	hypothesis
	- H01: there is no significant difference in knowledge accessibility before and after chatbot use
- H11: there is a significant difference in knowledge accessibility before and after chatbot use
- H02: there is no significant difference in efficiency before and after chatbot use
- H12: there is a significant difference in efficiency before and after chatbot use
- H03: there is no significant difference in satisfaction before and after chatbot use
- H13: there is a significant difference in satisfaction before and after chatbot use


[bookmark: _Toc236045319]7.2.2 ANOVA
The next majorly important test will be ANOVA test to see if there will be differences between users and non-users, as shown in Table 3 below.
Table 3
ANOVA details
	Test Type
	Anova (Single Factor)

	definition
	- statistical test used to compare means across three or more independent groups
- evaluates whether at least one group mean differs significantly from others
- used when data is grouped by categories such as role or experience level
- assumes independence of groups and approximate normal distribution

	formula
	F = variance_between / variance_within

	justification
	- allows comparison across multiple employee groups rather than only two conditions
- useful for identifying whether chatbot perception differs based on experience level or department
- provides broader insight into variability across groups within organization
- included to showcase extended analysis capability even if not applied due to limited sample size
- because subgroup sizes are small, ANOVA results will be interpreted as exploratory only.

	variables tested
	- satisfaction_score across groups (junior vs mid vs senior) 
- usability_score across groups 
- trust_score across groups

	hypothesis
	- H0: no significant difference between group means
- H1: at least one group mean differs
- H2: chatbot perception varies across experience levels
- H3: usability or trust differs across groups


[bookmark: _Toc236045320]7.2.3 Correlation analysis
The next quantitative approach will be based on Spearman correlation, which will assess variables listed in Table 4 below.
Table 4
Spearman correlation details
	Test Type
	Spearman Correlation

	definition
	- non parametric statistical test used to measure strength and direction of monotonic relationship between two variables
- produces coefficient between -1 and +1 indicating negative, no, or positive relationship- does not assume normal distribution of data
- suitable for ordinal data such as Likert scale responses

	formula
	rho = 1 - (6 * sum (d ^ 2)) / (n * (n ^ 2 - 1))

	justification
	- appropriate for small sample size where parametric assumptions may not hold
- suitable for Likert scale data treated as ordinal rather than continuous
- allows examination of relationships between perception variables such as usability and satisfaction
- provides insight into behavioral patterns such as whether trust influences usage frequency

	variables tested
	- usability_score vs satisfaction_score
- trust_score vs usage_frequency
- efficiency_score vs satisfaction_score

	hypothesis
	- H04: there is no significant relationship between usability and satisfaction
- H14: there is a significant positive relationship between usability and satisfaction
- H05: there is no significant relationship between trust and usage frequency
- H15: there is a significant positive relationship between trust and usage frequency
- H06: there is no significant relationship between efficiency and satisfaction
- H16: there is a significant positive relationship between efficiency and satisfaction


[bookmark: _Toc236045321]8. Data Collection Methods
[bookmark: _Toc236045322]8.1. Questionnaire Design
The data for this research has been collected through a structured questionnaire that aims to assess the impact of AI-based chatbots on knowledge sharing and work efficiency in organizations. The questionnaire has been prepared on the basis of the research objectives. The questionnaire aims to measure the perceptions of employees on the use of chatbots in a workplace environment. The questionnaire has been prepared in a way that it can collect both quantitative and qualitative data. It has included multiple-choice questions, Likert scale questions, and open-ended questions. Likert scale questions have been included in the questionnaire. The Likert scale consists of 5 degrees of measurement ranging from “strongly disagree” to “strongly agree” (Joshi, Kale, Chandel, & Pal, 2015). The Likert scale is widely used in research because it can measure attitude, perception, and experiences of the respondents.
The questionnaire is divided into various sections in order to assess different dimensions of chatbot usage. These dimensions include demographic information, usage of AI chatbots, knowledge sharing effectiveness, work efficiency, usability and trust, future usage, and challenges associated with chatbot systems. Apart from these, open-ended questions are also integrated in order to enable respondents to provide in-depth feedback on their experiences with chatbots. This helps in incorporating dimensions that cannot be measured using numerical data alone. The open-ended nature of these questions enables a qualitative analysis of this research as well.
[bookmark: _Toc236045323]8.2 Sampling and Participants
The participants for this study are employees who have experience with the use of AI chatbots in the work environment. The researchers were able to distribute 21 questionnaires, but only 13 responses were received. Out of the 13 responses, 10 were considered valid. 
Using employees as the participant pool ensures that the information received is not based on assumptions but on real experience with the chatbot system. The employees used as participants also help to ensure that the information received is well-rounded regarding knowledge-sharing within the work environment. 
The limitation with the study is the small number of responses received. The responses received, although limited, provide important information regarding the employees' perceptions about the system. The responses also provide an initial assessment of the effectiveness of the chatbot system. Due to the limited responses received, the statistical analysis performed on the responses is exploratory in nature.
[bookmark: _Toc236045324]8.3 Data Collection Procedure
This questionnaire is sent to the participants in the organization in the form of a physical document. This is done to ensure ease of access and participation. The participants were given enough time to fill the questionnaire. After two weeks, the questionnaires were collected. The questionnaires were collected on the 23rd of June. Using this method ensured ease of access to the participants. They can fill the questionnaire at their own pace without the need for any technology. This helped to eliminate any possible hindrances. Once the questionnaires were collected, the data collected is prepared for analysis. The structure of the questionnaire helped to easily categorize the data collected. It can be easily used to perform quantitative and qualitative analysis.
The experimental design employed in this study is a within-subject pretest-posttest experimental design. The same subjects were asked to rate their perception regarding knowledge sharing by employing existing techniques like searching documents manually, using email as a tool of communication, and asking people around for information sharing. Afterward, they were given a chance to interact with a chatbot and were asked to perform similar information-seeking activities by employing a chatbot-assisted condition. The main objective of employing this design is to check how employee perception regarding knowledge sharing is affected by employing a chatbot-assisted condition as compared to the pre-chatbot condition. The main variables employed in this study were knowledge accessibility, efficiency, usability, trust, and satisfaction, which were measured quantitatively by employing Likert scale questions and qualitatively by employing open-ended questions.
[bookmark: _Toc236045325]9. AI Chatbot Development
A prototype for the AI chatbot was designed to facilitate internal knowledge sharing. It also serves to illustrate the potential benefits to employees in terms of access to organizational knowledge. The chatbot is designed as a virtual assistant for the MPC Healthcare / Modern Pharmaceutical LLC organization. It is intended to facilitate the access to organizational information, services, and user feedback in a structured and efficient manner. The chatbot is based on the Retrieval-Augmented Generation (RAG) model. It does not rely on any intent classification or scripted dialogues. It utilizes the transformer-based sentence embedding model to transform the user query and documents into vector space. It stores the vector embeddings using the FAISS vector database. It retrieves the relevant document pieces and generates the required output . It can achieve this using the language model or the relevant extracted information. It is considered to be a more scalable and flexible alternative to the rule-based chatbot. It is depicted in the model architecture in Table 5.
Table 5
Model architecture
	Model Architecture Item
	System Specification

	architecture type
	retrieval augmented generation (RAG)

	architecture category
	semantic retrieval based chatbot

	rule based design
	not used as main architecture

	transformer usage
	used at embedding stage

	embedding model
	sentence-transformers/all-MiniLM-L6-v2

	vector retrieval layer
	FAISS

	response generation
	OpenAI model if API key available

	fallback response mode
	retrieval only / extractive output

	Component
	Model Type

	query understanding
	transformer based sentence embedding

	document matching
	vector similarity retrieval

	answer production
	generated or retrieved response

	overall system
	hybrid RAG pipeline


This research paper did not involve the process of fine-tuning the model for the chatbot. Rather, the retrieval-based model was used, where the knowledge base was employed. The knowledge base consisted of documents prepared within the company. It had different formats, such as text, PDF, and Word documents. These documents were extracted, segmented into smaller segments of 900 characters with an overlap of 150 characters, and then embedded into dense vector representation using the sentence-transformer model named "sentence-transformers/all-MiniLM-L6-v2." These dense vector representations were inserted into the FAISS vector index to obtain the most appropriate document segments for answering the question semantically.
The chatbot is not using any supervised learning on any available conversational dataset. Rather, a retrieval-based method is used, in which knowledge is obtained from a predefined document corpus. The first source of data is internal organizational documents, which include text files, PDF files, and Word files, containing information about the company, services provided, and other relevant information related to organizational activities. The data preparation phase is used to process these documents, in which text is extracted, processed, and divided into smaller overlapping segments for accurate results. Each chunk is further converted into a vector using a transformer-based sentence embedding model.
Instead, when a user asks a question, the system does not produce an answer based on learned patterns, but retrieves the most relevant document chunks from this knowledge base. The answer to the user's question will be created in one of two ways: by directly showing the user the retrieved information, or by using a language model to create a structured answer based on the retrieved information. This way, the chatbot's answers will be based on actual organizational knowledge, not on learned conversational patterns.
The workflow of the chatbot system is shown in Figure 1 below.
Figure 1
RAG chatbot system architecture: system diagram
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While the chatbot illustrates the application of an AI-based knowledge-sharing system. It is a prototype and not fully deployed in a real-world organizational context. Therefore, it is not fully functional compared to an advanced form of AI-based knowledge-sharing systems that utilize machine learning and data integration capabilities. Nevertheless, it is a good example of how chat-based AI systems could be deployed to improve access to knowledge and communication in an organizational context. From a technical point of view, the chatbot involves a process of document ingestion, text extraction, preprocessing, chunking, embedding creation, vector indexing, semantic search, and response creation. The process of document ingestion supports .txt, .pdf, and .docx. The preprocessed text removes formatting noise and normalizes the spacing. The process of chunking is also involved to improve the granularity of the search and prevent omissions of relevant information contained in a document. Semantic search is conducted by performing a vector similarity search in the FAISS library. This is advantageous compared to a simple keyword search because it is possible to search for information based on meaning and not only by matching words.
[bookmark: _Toc236045326]10. Evaluation Metrics
The performance of the AI chatbot is measured by system-based and user-based metrics. This two-part measurement is useful in evaluating not only the performance of the chatbot as a system but also its effectiveness in terms of knowledge sharing and work efficiency from a user’s point of view.
[bookmark: _Toc236045327]10.1 System-Based Evaluation
From a technical perspective, the chatbot is evaluated using performance metrics that measure its ability to correctly understand and respond to user queries. These metrics are calculated using a predefined set of test questions and an evaluation script developed in Python.
From a technical perspective, the chatbot is evaluated using retrieval-oriented performance measures that reflect the actual RAG architecture used in this study. Because the system retrieves semantically relevant document chunks rather than classifying user intent into predefined categories, technical evaluation focuses on retrieval relevance, response usefulness, and groundedness in source documents. A predefined set of test questions is used to examine whether the chatbot returns relevant document chunks and whether the final response is supported by the retrieved content. In addition, the evaluation considers whether the chatbot can provide useful answers without requiring users to manually search through internal documents. This approach is more appropriate than intent-classification metrics because the chatbot operates as a semantic retrieval system rather than a rule-based classifier.
In this study, technical performance is primarily evaluated through retrieval relevance and response usefulness rather than intent classification accuracy. Since the chatbot operates through semantic retrieval over a document corpus, the key technical concern is whether relevant document chunks are retrieved for a given user question and whether those retrieved chunks support a useful answer. Therefore, the system based evaluation focuses on the quality of retrieved content, groundedness of responses in source documents, and the extent to which the chatbot can return relevant information without forcing users to manually search through files.
[bookmark: _Toc236045328]10.2 User-Based Evaluation
In addition to the performance criteria, the performance of the chatbot is also evaluated in terms of user perception and experience, which is collected through the questionnaire. These criteria are related to the impact of the chatbot on the efficiency of knowledge-sharing activities within the organization.
There are several important criteria to evaluate the performance of the chatbot. Efficiency is evaluated based on the reduction in time required to access the required information and perform work-related activities. Accuracy is related to the level of relevance the information generated by the chatbot is to the user. Another important criterion is usability, which is related to the ease with which the user can operate the chatbot. Another important factor is user satisfaction, which is related to the level of acceptance the chatbot receives from the employees. It is related to the satisfaction level the employees experience with the performance of the chatbot and the willingness to recommend the usage of the chatbot in the workplace. Knowledge-sharing effectiveness is evaluated based on the improvement in the availability of information and communication within the organization. The feedback on the performance criteria is collected using the 5-point Likert scale.
[bookmark: _Toc236045329]10.3 Evaluation Design Considerations
The evaluation of the chatbot will be carried out based on a comparative analysis with traditional knowledge-sharing techniques and the utilization of the chatbot system. In a traditional work environment, individuals may use documents, emails, or interaction with other people to obtain information. The evaluation will aim to determine whether the chatbot system helps in improving the accessibility of knowledge, the efficiency of work processes, and the general user experience in comparison with traditional techniques.
The chatbot, in this case, offers a new perspective on how a person can retrieve information in a quick manner. The control group was not used in this research due to its exploratory nature and small number of participants. Rather, the same participants were used in both conditions, with and without chatbots. 
Repeated measures were used in this research, which are beneficial in eliminating individual differences, as the same participants were used in both conditions. The absence of a control group in this research is a drawback, and future research needs to include a control group in order to increase the experimental validity of the research.
[bookmark: _Toc236045330]10.4 Experimental Setup
Participants first completed information seeking tasks using existing knowledge sharing methods such as manual document search, email, or asking colleagues. After that, the same or equivalent tasks were completed using the chatbot. Time taken, perceived ease of access, satisfaction, and confidence in the retrieved answer were recorded. The same participants completed both conditions, creating a within-subject pretest-posttest design. Open-ended comments were collected after chatbot interaction for thematic analysis.
[bookmark: _Toc236045331]11. Data Analysis
The data collected in this study is analyzed using both quantitative and qualitative methods in order to provide a comprehensive understanding of the impact of the AI chatbot on knowledge sharing and work efficiency.
[bookmark: _Toc236045332]11.1 Quantitative Data Analysis
The quantitative data collected from the questionnaire was analyzed through various descriptive and inferential statistical techniques. The responses to the questions on the questionnaire with the Likert scale were used to determine the employees’ perceptions about the chatbot, including its impact on the accessibility, efficiency, usability, trust, and satisfaction of the knowledge. Descriptive analysis was performed by calculating the mean score and percentage for the responses to the questions on the questionnaire. The results were presented in the form of tables and charts to make the results easily comprehensible.
Besides descriptive analysis, simple inferential analysis is carried out to further investigate the relationships. Hypothesis testing is employed to check whether there is a significant impact of the use of AI chatbots on knowledge sharing and work efficiency. The assumption is that the use of chatbots has a positive impact on information availability and work efficiency for the employees. Although the number of data samples is small, this method gives a first statistical indication of the impact of the chatbot.
Moreover, correlation analysis can be used to investigate the relationship between important variables. For instance, the study investigates the relationship between the usability of the chatbot and the satisfaction of the users, and the relationship between the trust in the chatbot and the usage of the chatbot. The application of these statistical techniques enables the study to move beyond description and gain a deeper understanding of the impact of the usage of the chatbot in the knowledge-sharing behavior within the organization.
The qualitative analysis will be conducted by following a structured approach to thematic analysis based on Braun and Clarke’s six-step process for carrying out a thematic analysis. The process will include data familiarization, initial coding, theme searching, reviewing themes, defining and naming themes, and final report production. The process will ensure that the qualitative data is analyzed by following a consistent and reliable approach to identify the relevant insights from the responses of the participants (Braun & Clarke, 2023). 
[bookmark: _Toc236045333]11.2 Qualitative Data Analysis
The qualitative data is extracted from the open-ended questions in the questionnaire. The open-ended questions are analyzed through the use of a thematic analysis approach. This involves the identification, grouping, and interpretation of the data (Braun & Clarke, A critical review of the reporting of reflexive thematic analysis, 2024). Manual coding of the data was carried out in two parts. First, each open-ended response to the questionnaire was read several times, and descriptive initial codes were made on the meaning of each response. Then, the codes were grouped into categories, which were later made more specific to arrive at the final themes in accordance with the research questions. Simple coding records were kept to ensure consistency in the codes, categories, and themes. The use of manual coding instead of automated software for data analysis was due to the small size of the qualitative data (Naeem, Ozuem, Howell, & Ranfagni, 2023)
The analysis starts by reading all the answers and giving codes to the key ideas and concepts expressed by the respondents. The codes are then further categorized into major themes that encompass common features of the data. The major themes of the data in this study are the benefits of chatbot uses, challenges, and improvements. 
For example, the answers that are related to saving time and improving information accessibility are categorized under efficiency and information accessibility. Answers related to accuracy and trust are categorized under reliability issues, while answers related to improvements are categorized under system improvement. 
This coding of the data is done by hand because of the small number of respondents. Thematic analysis of the data provides more insight into the experiences of the employees. It explains the results of the quantitative data by giving insights into the reasons behind the perceptions.
[bookmark: _Toc236045334]12. Ethical Considerations
This study follows ethical guidelines to ensure that all participants are treated fairly and that their data is handled responsibly. Participation in the survey was voluntary, and all participants were informed about the purpose of the study before completing the questionnaire. An introductory statement was included in the survey to explain that the data would be used for academic research purposes only.
All responses were collected anonymously, and no personal identifying information was required from the participants. This ensured that participants could provide honest answers without concerns about privacy or confidentiality. The data collected from the survey was used only for research analysis and was not shared with any third parties.
In addition, the study ensured that participants had the right to withdraw from the survey at any time without any negative consequences. The use of a paper-based questionnaire also allowed participants to complete the survey at their own pace, without pressure or influence.
In this study, the chatbot system developed does not involve the handling of any personal or medical data. It is used as a prototype to show the knowledge-sharing feature. It does not involve any medical advice or the collection of any personal data. It is well within the ethical and professional limits. In this study, the ethical standards are followed with the informed consent of the participants and the privacy of the participants maintained throughout the research.
[bookmark: _Toc236045335]13. Research Limitations
There are several limitations to this study that need to be considered. The first is that the number of participants involved in the survey is relatively low. Although 21 questionnaires were distributed, only 13 were completed and returned, and only 10 were used for analysis. The number of participants may have an effect on the overall results of the survey, as the results may not fully represent the overall population or organizational context. 
The second limitation of the study is that the data collected is based on self-reported data. The data collected is based on the opinions of the participants and may have been influenced by individual opinions and biases. The results of the study may not fully represent actual performance improvement but may have been based on perceived improvement in knowledge sharing and work efficiency.
The other limitation is associated with the chatbot system itself. The chatbot system developed in this study is a prototype, and its sole aim is to show the concept of using artificial intelligence in knowledge sharing. Even though this chatbot system is helpful in showing its potential in using chatbot technology, its capabilities may not be as wide as those in a real system. 
In addition, another limitation of this study is that, unlike other studies, this research did not include a control group in its design, which is a limitation in terms of determining causality. The chatbot system was not integrated in a real system in an organization. This implies that this research is based on interaction with the system and users’ perceptions, not on long-term usage in a real system in an organization. Therefore, future studies can include implementing this chatbot system in a real system in an organization and then evaluating its performance over a long period of time.
Finally, there is a specific group of employees in a specific context, hence there is a possibility of limited generalization of the results in different industries/organizations. The context in which different organizations operate may vary in terms of knowledge sharing; hence, there is a possibility of different knowledge sharing practices affecting the performance of chatbot systems. However, there is a lot to learn from the results in terms of the potential role of AI chatbot systems in improving knowledge sharing in organizations. 

[bookmark: _Toc236045336]14. Results 
[bookmark: _Toc236045337]14.1. Overview 
This section is based on the research done based on the data collected through the questionnaire. This section aims to analyze the employee’s perception about the AI chatbot system and how it might affect the sharing of knowledge within the company. This analysis is done based on the descriptive research done through the Likert scale and other research done through open-ended questions.
The study was intended to investigate knowledge-sharing practice before and after the utilization of the chatbot system. However, it was evident from the collected numerical data that there was no significant measurable difference between the two conditions, even though there was an allowance for participants to interact with the chatbot system. Thus, it is worth noting that the results discussed in this section are based on perceptions and experiences of the employees after interacting with the chatbot system.
The results are presented in accordance with the key variables of the research. These key variables include knowledge accessibility, efficiency, usability, trust, and user satisfaction. Moreover, the results include the qualitative findings to further understand the participants’ experiences and expectations.
[bookmark: _Toc236045338]14.2. Knowledge Accessibility
This shows that the participants generally perceived the chatbot system as being useful in the improvement of knowledge accessibility in the organization. The employees were able to note that the chatbot system was helpful in the location of relevant information compared to the usual methods of knowledge sharing in the organization.
They emphasized the point that one of the main advantages of the chatbot system was the capacity to access the information in a quick manner by using natural language. This minimized the efforts needed to go through various sources to access the information. Therefore, the chatbot was seen as making the process of accessing knowledge simpler.
In addition to the accessibility factor, the participants also pointed out the practical application of the chatbot system in the work environment. For instance, some participants pointed out the advantage in the fact that the system allows them to retrieve information on the barcodes on the products. They indicated that the information on the barcodes was necessary in the process of identification.
The participants also highlighted the importance of the accessibility of product measurements through the chatbot. In their daily activities, the employees are required to communicate product dimensions to the stores for the appropriate placement of the items on the shelves. This chatbot system was seen as a helpful tool for the purpose.
It is important to note that the chatbot system used in this study was developed as a prototype and included a limited dataset consisting of only three items for testing purposes. Despite this limitation, participants were still able to understand the functionality of the system and evaluate its usefulness within their work context.
Although the numerical data did not show a significant measurable difference, the overall perception was positive. This shows that the chatbot system is useful and can be effectively used to aid with work-related tasks, especially those that require fast access to product-related information.
[bookmark: _Toc236045339]14.3. Efficiency
The results concerning efficiency showed that participants generally considered the chatbot system to be effective in facilitating the improvement of efficiency in terms of information access and task achievement. Employees claimed that the chatbot helped them achieve information faster compared to traditional methods such as searching for information in documents or asking colleagues.
The participants noted that one of the major benefits of the chatbot is that it is capable of offering immediate responses. This will ensure that delays do not occur in the workflow. In addition, the employees will be able to continue with their work without any interruptions. At times, it is possible that delays may occur while waiting to get responses from other sources.
In addition to this, users have identified that the chatbot assists in reducing complexity in finding relevant information. This is because instead of searching for information in various files or communication channels, employees can simply ask the chatbot and obtain their response. This reduces the complexity in terms of time and effort in fulfilling daily tasks.
Participants also indicated that the chatbot can support quicker decision-making, especially in situations where fast access to information is required. This was seen as beneficial in improving overall workflow efficiency.
Although the numerical values did not show a significant measurable difference, the feedback from the participants showed consistency in the perception of the chatbot as a time-saving tool. This shows that the chatbot system can help in improving efficiency in the way of work, especially in tasks involving information retrieval.
[bookmark: _Toc236045340]14.4. Usability
The findings in terms of the results for the usability were that the participants generally found the chatbot system easy to use and understand. The findings from the participants who were employees were that they did not need technical knowledge to use the chatbot system because the system enabled them to ask questions in a simple manner.
The participants observed that the chatbot interface was simple and easy to navigate. The participants were able to input their queries and obtain responses without any difficulties. The participants found the natural language aspect of the chatbot useful because it did not require them to input commands or structured information.
Besides this, participants were also positive about the chatbot system design. For example, some participants noted that the presence of the MPC logo and other design features related to the company made the chatbot system feel legitimate.
The participants noted that the design helped create a better user experience because it gave the impression of being professional and relevant to their work environment. This shows that the design can have an impact on the acceptability of the systems by organizations.
Generally, the system was considered user-friendly and accessible. The simplicity of the interaction with the system, the naturalness of the language used in the system, and the familiarity of the design elements were the main factors in the usability of the system by the participants.
[bookmark: _Toc236045341]14.5. Trust
The findings concerning trust indicate that the participants had different perceptions concerning their trust in the chatbot system. Some of the participants were confident in the chatbot system, while others had different perceptions concerning their trust in the information given by the chatbot.
A few participants also pointed out that they still prefer to depend on the traditional methods while performing their tasks. This is because the responsibility for the task ultimately lies on them. Hence, they become cautious while using the information generated by the AI. They end up checking the information provided by the chatbot or avoid depending on the information.
Another important aspect, which was brought forth by the participants, is the relationship between the accuracy of the information being provided by the chatbot. They state that when the chatbot is able to provide accurate information, users are able to place their trust on the information being provided by the chatbot.
Furthermore, some participants noted that they do not like it when the chatbot responds to their questions in a confident way even though the information provided is not correct. This was noted as a problem since it may make it hard for users to know whether the information provided is correct or not.
These results suggest that trust is a significant factor which may affect the use of chatbot systems in organizations. Although the chatbot was found to be generally useful, there are accuracy and reliability issues which may affect its adoption.
[bookmark: _Toc236045342]14.6. User Satisfaction
The findings on the participants’ satisfaction revealed that the participants had a positive experience using the chatbot system. The majority of the participants stated that they found the system helpful and were satisfied with the support the system provided in order for them to carry out their work effectively.
The participants noted that the chatbot assisted them in making their work easier, especially in areas relating to information on specific products such as barcodes and measurements. This created a convenient work environment for them as their work became easier.
Furthermore, the ease of use and simplicity in interaction with the chatbot contributed to user satisfaction. This is due to the fact that users found it easy to interact with the system, and the natural language interface made it easier for users compared to other conventional methods.
The design of the chatbot system also contributed to user satisfaction. The participants pointed out that, for instance, the inclusion of the MPC logo and design elements relating to the company contributed to user satisfaction. This was because it created a familiar look for the user.
However, the satisfaction level was influenced by some of the issues identified in the previous sections, especially those concerning trust and accuracy. This is because some participants argued that although they had a high satisfaction level with the system, there was a need for improving the accuracy of the system.
This was seen in the results obtained from the participants. The results indicated that the participants had a positive level of satisfaction with the chatbot system. The participants were open to the use of the system despite the limitations.
[bookmark: _Toc236045343]14.7. Qualitative Findings
The qualitative responses provided additional insights into the participants’ experiences and views about the chatbot system. Generally, the majority of the participants found the system useful and easy to use in their daily activities.
Many users pointed out the fact that the chatbot saves time and offers quick access to the information. This was considered one of the main advantages of the system compared to the conventional approach. The participants were happy because they were able to ask the questions directly and receive the answers.
The participants were also asked for their suggestions on how to improve the chatbot system. For example, the users were asking whether the chatbot can add more features such as processing information in Excel format. This shows that employees want the system to be able to deal with complex data and integrate other forms of information relevant to work.
In addition, some participants asked questions about whether the chatbot is an internal system to the company. This is related to issues concerning data access and privacy.
At the same time, there were some participants who were worried about the accuracy of information provided by the chatbot. This has already been discussed earlier. Participants were not comfortable when the chatbot provided them with erroneous information in a highly confident manner.
Overall, the results of the qualitative data analysis indicate that participants have a positive perception of the chatbot system, recognizing its usefulness in their work. Nevertheless, the results of the feedback indicate the need for improvements in terms of accuracy, functionality, and system clarity for better adoption in the future.

[bookmark: _Toc236045344]15. Discussion
[bookmark: _Toc236045345]15.1. Overview
This chapter provides an analysis of the results of the study. The purpose of the current research is to assess the impact that AI-enabled chatbot solutions have on enhancing knowledge exchange in organizations. The major factors considered for this research include accessibility, effectiveness, usability, trustworthiness, and user satisfaction among others. These factors have been analyzed to see how they are affected by the usage of chatbots in relation to knowledge exchange among organizational members.
The reason for the discussion below will be to interpret the findings provided above and put them into context concerning the objectives of the study and existing literature. Although there was no significant difference between pre- and post-chatbot conditions when it came to quantitative findings, the qualitative data provides useful information about employee experiences. This is why the current chapter concentrates on interpreting findings rather than just looking at numbers.
In this context, the chapter discusses how the results of this study match those from earlier literature on artificial intelligence and knowledge management. It shows similarities and differences between both the results of this study and those from other studies that have been conducted previously. Furthermore, this chapter explores the significance of this research from both theoretical and practical perspectives with regard to chatbots as knowledge management tools.
In addition, this chapter offers a critical review of the performance of the chatbot system designed in this research and highlights the challenges that have been faced in this respect, including issues related to trustworthiness, accuracy, and limitations of the system.
Thus, the main objective of this chapter is to give an insight into how artificial intelligence-based chatbots can help share information while providing prerequisites for its efficient application.
[bookmark: _Toc236045346]15.2. Interpretation of Key Findings
The findings of this study shows that AI-based chatbot systems have a positive influence on knowledge sharing within the organization. Participants in this study generally viewed the chatbot as useful in supporting their daily work activities, especially in accessing and using information more easily. This suggests that chatbot systems can play an important role in improving how employees interact with knowledge, even at an early stage of implementation. Similar findings were reported in previous research, which found that AI chatbots improve knowledge management systems by enhancing accessibility, providing instant responses, and streamlining information retrieval through conversational interaction (Sudin, et al., Leveraging AI Chatbots for Enhanced Web-Based Knowledge Management Portals, 2025). 
Among the key findings derived from the results is that the employees found the chatbot useful for accessing knowledge. The participants indicated that the tool was helpful for enabling them to obtain information faster than through conventional means such as browsing documents or asking questions of other individuals. This indicates that chatbot technology can minimize the time taken in locating relevant knowledge.
Regarding efficiency, there is a positive correlation between the findings and results too. According to the user feedback, the chatbot assisted them in finishing their tasks faster due to its prompt response. Consequently, there was no delay in the workflow, and the employee could resume his/her work without any disruption.
Usability-wise, the chatbot application was rated highly for its simplicity and intuitiveness. The natural language user interface was quite simple, hence making it easy even for non-tech-savvy employees to use. This indicates that usability is one of the factors that promote the adoption of AI systems within firms.
Nevertheless, it was found that one of the biggest problems was associated with trust. Some users trusted the chatbot, while other people felt reluctant to rely on the data given by it. These worries have had an impact on the willingness of the respondents to trust the tool. Consequently, we can conclude that trust matters a great deal in acceptance.
The other major finding is that the chatbot was still perceived as a means of augmenting knowledge sharing rather than replacing conventional modes of knowledge sharing. Most users opted to cross-check the received knowledge from alternative sources, particularly if it was vital that their knowledge be accurate.
In general, it can be said that artificial intelligence-powered chatbot systems demonstrate high capabilities to contribute to the betterment of knowledge access and usability in organizational contexts. On the other hand, problems associated with trust and the capabilities of the system itself need to be resolved.
[bookmark: _Toc236045347]15.3 Knowledge Accessibility
The availability of knowledge is one of the critical issues investigated in this research, considering that it determines the extent to which employees are able to acquire information they require to complete their tasks. The results suggest that there was a significant positive impact of the chatbot technology in facilitating access to information. Employees stated that they could obtain information much quicker and easier using the chatbot than through any alternative channel. For instance, it was relatively easy for employees to get product-specific information, including barcodes, without the need to inquire from other departments.
For a more elaborate understanding of this effect, this part will be subdivided into several subparts. First, an explanation of how the chatbot affected the process of faster access to data will be presented, as well as its ability to decrease knowledge silos in the company. Later, a comparison with other research related to knowledge management and artificial intelligence will be made. Lastly, a critical reflection will follow.
[bookmark: _Toc236045348]15.3.1 Improvement in Access Speed
One of the key improvements noted in this study is associated with access speed to information. According to participants, the chatbot made it easier for them to get information much faster than when using conventional means, including document searches and communication with other staff members. Rather than having to use various sources, the user would simply inquire from the chatbot and get an instant answer. The amount of time needed to get information was thus cut down. This finding is in line with prior research that indicates how chatbots built on artificial intelligence can help users in getting immediate responses (Lang & Gürpinar, 2025).
However, the application of natural language dialogue was one of the factors that contributed to this innovation. The employees could pose their queries using a straightforward and concise dialogue system without having to adhere to any special formality or key terms. They only needed to be explicit about the information that they wanted to find out. Consequently, the effort needed to retrieve the information was significantly minimized. This is consistent with the pattern observed in existing literature, where artificial intelligence-driven systems utilize natural language processing to understand user queries and provide information promptly, thereby minimizing the effort and time required in the process (Pham, Pham Thi, & Duong, 2024).
Also, it helped in addressing any delay that might have been caused due to the waiting time for the information coming from other departments. In this scenario, when the workers needed any information about their products, they were able to get their information instantly without waiting for any responses from other people. It clearly indicates that the chatbot can address any difficulty in searching for the information. It has been proven by research that the chatbots can help in accessing information faster and without human intervention (Delgado, Villamarin, & Insuasti, 2025). 
[bookmark: _Toc236045349]15.3.2 Reduction of Knowledge Fragmentation
Moreover, the use of the chatbot to access information allows reducing knowledge silos in the organization. Indeed, there is certain knowledge which belongs to certain departments. Thus, if an employee needs to get some piece of information, he should go through certain steps and ask his colleagues in order to receive necessary knowledge. It often takes time and makes an employee interrupt his work. This is also supported by existing research, which shows that chatbots act as intermediaries between organizational knowledge and employees, reducing communication barriers across departments and enabling users to obtain information directly without relying on others (Tharini, Poornima, Sowmiya, & Thandauthapani, 2025). 
In this regard, the chatbot was very useful as it provided another possibility to receive knowledge in a timely manner. Indeed, when people need to access information regarding products, they no longer have to ask their colleagues in other departments. Instead, they could get all necessary knowledge from the system, thus making the process much faster.
Actually, it may be treated as an illustration of how effectively such a system works. In other words, it helped to overcome the problem of the nonavailability of the required information. Furthermore, there was no need for staff members to use numerous informal communication channels in order to get the necessary information. It correlates with the outcomes of another study in which the researchers discuss how the implementation of AI contributes to the improvement of organizational processes through enhancing the flow of information (Murire, 2024). In particular, it means that when implementing artificial intelligence in companies, employees start communicating with each other in a more systematic way since their interactions become more productive. As one can see, the findings of this study are fully consistent with the results obtained in the aforementioned study. At the same time, it needs to be stated that the impact mentioned above should be regarded as a partial outcome.
[bookmark: _Toc236045350]15.3.3 Comparison with Literature
The findings from this research study align with past literature in terms of the use of artificial intelligence in knowledge management. As per the findings of the past studies reviewed in the literature review, the use of artificial intelligence technology might improve knowledge exchange by increasing information accessibility, reducing search efforts, and promoting interactions between people. This can be seen from the findings of this research since the chatbot enabled better information accessibility among participants in this study (Louafi, Nessah, & Mahalaine, 2024).
For example, one of the main problems pointed out by scholars is that information tends to be dispersed within an organization due to its compartmentalized structure, which causes some issues when trying to access this information (Cerchione & Esposito, 2017). This problem also existed in this case because employees used to search for their required information from documents, emails, or even other people. However, the chatbot made it possible to have easier access to information in a centralized manner, thus, corroborating the theories presented by scholars about the use of AI for information access (Bencsik, 2021).
Moreover, it has been established in earlier studies that the use of AI software, including chatbots, helps retrieve knowledge and enhances efficiency in performing routine work tasks (Culbida, Mylonas, Troussas, Krouska, & Sgouropoulou, 2025). The findings of this study are in line with those of previous studies, as it was found that the participants were able to save time on searching for information, as well as perform their tasks more efficiently thanks to the help of a chatbot.
The results of the study, however, also demonstrate certain discrepancies when compared to the available literature. Whereas the earlier literature presents artificial intelligence as an extremely efficient tool for enhancing knowledge management, the current study is based on the use of a prototype system that has access to only a small database. Therefore, the effect achieved can be attributed to the users' perceptions rather than their enhanced efficiency. Also, concerns regarding the accuracy and reliability of AI are raised, just like in the literature.
In general, the conclusions drawn from this study are consistent with the overall trend found in the literature, demonstrating that chatbot technology has the capability to enhance knowledge acquisition and effectiveness. On the other hand, it is clear from the results that the actual success of such systems would depend on certain conditions that would require further exploration in future studies.
[bookmark: _Toc236045351]15.3.4 Critical Reflection
The findings regarding knowledge availability must be viewed against the background of the methodology used in this study. In developing and testing the chatbot, a small data set comprising just three items was used. Under these conditions, the system functioned satisfactorily and allowed users to gain immediate access to the necessary information.
Nevertheless, because the test involved a relatively small amount of data, it is impossible to ascertain its performance when handling large amounts of data. In order to find out how efficient it could be within an organization, additional tests would need to be carried out involving various kinds of products and data.
In addition, it should be noted that the results were obtained based on the user responses. The change in the level of accessibility of the information appeared to be evaluated based on users’ reports rather than on any quantifiable results. Indeed, according to the participants, the chatbot facilitated the process of information search.
Furthermore, the system that was used for the purpose of this research was a prototype system meant only to assess basic functionality. It is not supposed to be seen as a completely developed system. Thus, the results presented here are those obtained from a basic system setup.
Besides, the system implemented in the present research work was just a prototype for checking some basic features of the system. Therefore, the results cannot be taken as an evidence of the effectiveness of the entire system.
To conclude, the results gained from the research conducted indicate the effectiveness of the chatbot in the current situation. Nevertheless, it is required to check the efficiency of the chatbot in other situations as well.
[bookmark: _Toc236045352]15.4 Trust and User Confidence in the Chatbot System
One important element that will have an impact on the interactions between employees and the chatbot system as well as on how dependent employees will be on the information received through the system is trust. Although it might prove successful in providing relevant responses, the success of such a system will greatly depend on whether users trust it and are willing to use it in their day-to-day activities.
In order to gain insight into this area, this chapter will first discuss the trust-related problems that emerged in the research and their comparison with the traditional way of collecting information in the organization. Finally, this chapter will analyze ways in which trust can be improved in the chatbot system.
[bookmark: _Toc236045353]15.4.1 Trust Issues and Comparison with Traditional Methods
From the findings of this study, it is clear that the extent of trust in the chatbot system was not universal among all the respondents. While some people found it convenient to get the required information using the chatbot system, others were reluctant about its use. Even when the chatbot system provided accurate information, there were some people who did not believe the answers and decided to check the information using conventional methods like searching online or asking their colleagues even when the results were the same. This is an indication that the factor that determines trust in chatbot systems is not only accuracy but also personal preferences and comfortability. The same conclusions have been made in past studies, and they reveal that trust in AI systems is dependent on psychological aspects instead of being determined by performance (Yu, et al., 2025).
However, the issue of information accuracy from the chatbot still remained a problem among the participants. As noted by some participants, the chatbot always had high confidence while providing the information regardless of whether this information was accurate. This situation has caused uncertainty among the users since it became difficult for them to ascertain the accuracy of the information. Even if the chatbot provided accurate information, some participants were skeptical about the use of this information and continued to depend on their usual approaches. This clearly shows that trust in the chatbot was not only based on the accuracy of information but was also a function of user perception and confidence among others.
While comparing traditional approaches to AI technology, there seems to be more trust toward human sources such as co-workers or managers. The reason is that the human aspect lets one explain and verify what is being told, thus increasing trust. On the contrary, a chatbot was considered to be unreliable when the user did not know whether the answer was correct or not.
In such cases, some users opted to stick to using the conventional approach, especially when the data involved was critical or needed to be highly accurate. This shows that while the chatbot is effective, it has not entirely displaced the knowledge sharing process used before. Rather, the chatbot is being used concurrently with the existing approach.
In conclusion, it can be seen that trust is still an important issue in the implementation of chatbots, especially in comparison to other well-known ways of acquiring information in the company.
[bookmark: _Toc236045354]15.4.2 Improving Trust in the Chatbot System
From the research outcomes, it becomes clear that for the enhancement of trust in the chatbot system, the problems pointed out by the subjects should be sorted out. One such problem is the form of presentation of the response generated by the chatbot. This is because in some cases, the chatbot gives an answer with full confidence when the answer turns out to be wrong. Therefore, it is essential to enhance the form of presenting response by the chatbot. This finding is supported by previous research, which shows that AI models can produce incorrect responses with a high level of certainty, even when they possess the correct knowledge, making it difficult for users to identify whether the information is reliable (Simhi, Itzhak, Barez, Stanovsky, & Belinkov, 2025). This further supports the results of this study, as participants also expressed concern about the confident tone of incorrect answers, which negatively affected their trust in the system.
A viable strategy to enhance trust would be to begin with implementing the chatbot in relation to simple and easy-to-understand forms of information. Some examples that fall under this category include barcodes, product size and weight, and expiration dates within this context of research. Such a strategy would allow users to develop trust in the system based on consistency and reliability. Rather than including complex forms of information right away, gradual inclusion of chatbot functionality over time may be better suited for the task. This approach is supported by previous research, which suggests that chatbot adoption improves when systems are transparent about their capabilities and are used for clearly defined types of queries, rather than attempting to handle all requests at once (Kagan, Dada, & Hathaway, 2025).
In summary, the analysis suggests that the trustworthiness of a chatbot can be increased by the presentation of the answers, making them more comprehensible for users. However, it is also important to emphasize that trust cannot be achieved through one particular aspect but should include several factors affecting the perception and interaction with the chatbot. Improving the communication between a chatbot and the users, especially regarding reducing overconfidently wrong answers, is crucial to overcoming the uncertainties. On the other hand, it is also necessary to introduce the chatbot to users gradually, starting from reliable information types.
It implies that building trust is a step-by-step process, as opposed to an instant result. With the guarantee of consistency in answers, better explanation, and restriction of the range of tasks that can be performed by the system in its early stages, users will have a much better impression of the chatbot. Once they become accustomed and confident, the system can be further developed to perform more advanced tasks. It means that building up trust involves several factors, including strategy.
[bookmark: _Toc236045355]15.5 Role of IT in Chatbot Implementation
Implementation of chatbot software in an organization will require a significant contribution from the IT department of the organization. According to the results obtained from this study (Kagan, Dada, & Hathaway, 2025), it can be stated that the success of the chatbot will depend on how it is implemented and managed by the company. As such, the IT department must be involved not just in implementing the technology, but also in maintaining and improving it.
One of the important responsibilities of the IT team includes integrating the chatbot within the current system and database of the organization. Here, the chatbot depended on product data such as barcodes and expiration dates. It is important for these data to be updated and accurate since this will determine the reliability of the responses generated by the bot.
Furthermore, IT will have to determine the scope and abilities of the chatbot. According to the results of this research, using the chatbot by providing simple forms of information could aid in the building of user confidence. Consequently, it will be necessary for the IT department to figure out the scope of questions that the chatbot will be able to handle, and narrow down its capabilities in the beginning.
Yet another vital responsibility associated with IT involves ongoing observation and enhancement of the chatbot process. This entails gathering information about users' interactions and finding common problems that need attention. Periodic update of the chatbot becomes crucial in ensuring its correctness and up-to-date information base. Finally, receiving customer feedback from time to time might be very helpful as well since this would allow to know more about customers' wishes and needs.
Moreover, another critical factor which determines the communication process between the user and the chatbot is provided by IT itself. According to the findings obtained throughout the course of the research, users have reported issues with the chatbot giving out confident replies even when the information provided was wrong. Consequently, this represents a crucial component in creating trust among users.
In general, the results show how important it is not only to implement technology but to manage information, design systems, and improve continuously. All these factors are necessary for making sure that the chatbot works well and for building trust between the bot and its users.
[bookmark: _Toc236045356]15.6 Security and Data Privacy Considerations
Another crucial concern that arose during the process of gathering data relates to the confidentiality and protection of data in case of chatbot deployment within the organizational framework. While gathering data related to the products, one of the company directors noted that certain data may be classified and confidential, hence cannot be shared through such applications.
In light of this knowledge, there emerge two major strategies that can be adopted by companies. The first strategy involves creating an internal system for the chatbot, which will function in a secure environment. In such a scenario, access to both the chatbot and the data used by it will only be available to selected people. Nevertheless, this solution may entail extra effort in terms of security requirements.
The other alternative is to confine the chatbot to non-confidential data only. For instance, it could include general information, product descriptions, bar codes, or any other publically available information. Through confining the use of the chatbot, an organization would be able to protect its confidential data while enjoying its benefits.
These questions are closely linked to the results that can be achieved due to the research done, which implies the usage of easy forms of data for establishing trust and making sure the system works reliably. Therefore, when considering privacy and security questions in regard to using the chatbot to share the information, the employment of the data that is not sensitive is related not only to the question of security but also the introduction of the chatbot in the company step by step.
The findings of this study are also supported by previous research that highlights similar concerns regarding the use of chatbot systems within organizations. For instance, (Lata & Kumar, 2025) emphasize that AI chatbots frequently handle sensitive and confidential data, which makes security and privacy key challenges in their implementation. The study explains that without proper control mechanisms, chatbots may expose important information to unauthorized access or misuse. This situation is closely aligned with what was observed during the data collection process in this research, where it was identified that certain types of product-related information are considered confidential and cannot be freely shared through such systems. Consequently, both the findings from this research and previous literature suggest that chatbots should be deployed in a controlled manner, whether by keeping them in the confines of the internal environment or by using them for non-confidential information only. 
[bookmark: _Toc236045357]15.7 Practical Implications
Conclusions from this research offer many valuable insights for organizations that may be thinking about adopting AI-powered chatbot systems for knowledge management. According to the data collected, it can be seen that chatbots can be effective tools for improving knowledge availability and increasing operational effectiveness. Nevertheless, their implementation will require a thoughtful approach to their application, management, and adoption.
The other critical implication drawn from this finding is that when implementing chatbots, organizations will have to use fundamental types of information at first. This is because, according to the results of this experiment, the chatbot had good performance while executing low-complexity tasks such as acquiring product information. By starting off like this, it gives room for employees to familiarize themselves with the chatbot and begin developing trust in the system. Increasing the level of complexity of the task executed by the chatbot will, thus, have to be done gradually (Casadei, Schlögl, & Bergmann, 2023). This is in agreement with the findings of previous studies where it was established that chatbots would be adopted by users when they were used for easy tasks rather than difficult tasks, which lowered their levels of trust and satisfaction.
The next implication refers to the participation of the IT department in the chatbot technology implementation process. To prevent issues related to accuracy, companies should involve their IT department in all stages of chatbot technology implementation. Continuous monitoring and improvement are vital to addressing existing gaps, as chatbot technologies need constant assessment and optimization at all life-cycle stages to ensure successful functioning and avoid failure. Moreover, receiving user feedback can be helpful in improving the system’s performance, since it helps organizations identify persistent problems and address them appropriately over time. This shows that chatbot technology implementation does not stop at the initial stage and requires constant management, modification, and improvement (Lewandowski, Kučević, Leible, Poser, & Böhmann, 2023).
In addition, the results demonstrate the significance of creating chatbot systems that will promote user trust. One should think about how the information is delivered to the user, particularly when the chatbot may give false information. Making the process clearer and decreasing the level of confidence about the correctness of the answer may allow for proper assessment of the accuracy of the data provided by the system.
In addition, businesses need to consider factors related to data security and confidentiality as well. According to this investigation, there are specific kinds of data that cannot be openly shared using chatbots. Thus, enterprises need to choose between developing a secure internal system or making use of the chatbot for sharing information that is not confidential in nature.
[bookmark: _Toc236045358]16. Future Work
This study provides valuable insights about the usage of artificial intelligence chatbot system in enhancing knowledge management in organizations. Nevertheless, due to an exploratory approach used in this study and limitations, numerous areas should be covered in order to gain greater clarity regarding this problem in further studies. These areas deal with improving the system itself, expanding the use of the system, and acquiring a deeper insight into users' behavior and system performance.
Among the crucial areas of research focus that may be considered by future researchers is the employment of a more extensive dataset. While developing the chatbot system in the current study, we were restricted to working with a smaller number of products, specifically three. Although this allowed us to prove the idea and examine the opinions of the users on it, this does not give an entirely accurate idea of what is to be expected in reality because organizations have more complex knowledge bases that incorporate many different products. Further research may consider a more extensive dataset with multiple documents and other kinds of data.
Another critical aspect that can be addressed by future research in this domain is the implementation of the developed chatbot system in an actual organization in a more extended timeframe. In this research, the system was tested under laboratory conditions. Moreover, the results obtained were based on a short period of interaction between users and the system, as well as their initial perceptions concerning its accessibility and efficiency. The positive perception was demonstrated, yet no considerable differences were shown in terms of measurable performance. Therefore, future research should focus on long-term application of the system in organizations to determine users' behavior in using it over time and their level of trust in the system.
Moreover, further research will need to be conducted in order to enhance the accuracy and credibility of chatbot answers. It is among the main findings of this investigation that users are worried when the chatbot gives wrong answers with a strong belief in their validity. It creates problems for the trust of users and makes it hard to implement the technology. Further research might need to consider ways of making responses more accurate and reliable, including incorporating some measures for indicating confidence in answers, verifying the correctness of answers, or explaining how answers have been produced.
Another area where research could be conducted in the future is the use of user feedback for enhancing the functionality of the chatbot system. Feedback was obtained by using questionnaires in this study; however, this data was not utilized in improving the functionality of the chatbot system. Future chatbot systems may be designed in such a way that they continuously collect feedback from users as they interact with the system. Users could rate responses or give feedback on the erroneous answers given by the chatbot system.
Personalization can also be an area worth investigating in future research concerning the use of chatbots. In this experiment, the chatbot offered the exact response to each participant. Nevertheless, within the real organizational setting, participants may be carrying out distinct roles and functions. This means that personalization can come in handy where the chatbot offers distinct responses to the participants depending on their role in the organization or interaction history.
Yet another critical aspect for future research is the relationship between chatbot systems and other organizational tools. For this research project, the development of the chatbot took place without integrating it with other tools. However, in reality, organizations might use a variety of means, such as databases, software programs, and communication systems to store their knowledge resources. In the future, research projects should be conducted with the goal of creating a system which combines these elements in a knowledge management structure.
Another field that needs to be considered in the future research is security and confidentiality. From this study, it is clear that there is certain confidential information in an organization that is not supposed to be disclosed easily. In future, the researchers need to find ways in which the chatbots can provide secured access to the confidential data through authentication or any other means.
Moreover, in future research, larger samples and a wider range of participants should be considered. The current study is based on a limited number of participants, which makes the outcome non-generalizable. In future research, participants representing various departments and companies from various fields should be included. It will allow for a better evaluation of performance of chatbots under different conditions and test the validity of the findings of the current study.
A potential area for further exploration is through the application of an experiment that uses control groups. In this particular study, there was no use of any control groups in applying the within-subject design. The lack of control groups made it difficult to draw cause-and-effect conclusions from this experiment. However, future studies might want to include the use of control groups.
Lastly, the long-term effects of chatbots in improving organizational performance can be investigated in subsequent studies. Since this paper examined the perceptions of users regarding chatbots, the next step would be to establish whether there are tangible improvements in efficiency when using such a tool.
The present research provides an initial attempt at exploring the possibilities associated with the use of AI chatbots for knowledge management, but further studies are required in the future. More specifically, it would be wise to build a larger system and make it more efficient and reliable. Thus, it will become possible to develop better AI chatbots that will assist in knowledge management processes.
[bookmark: _Toc236045359]17. Conclusion
The purpose of the present research was to investigate the significance of using AI-based chatbot systems in enhancing the process of information exchange in organizations. In this regard, the following aspects were considered in the course of the investigation, namely the availability, efficiency, usability, reliability, and satisfaction of the system. With the application of a mixed method, the research incorporated both qualitative and quantitative data. Thus, an insight into the way chatbots impact knowledge exchange could be revealed.
Based on the study's results, it can be concluded that chatbots based on artificial intelligence technology can greatly contribute to the exchange of knowledge among organization members. In particular, one of the major accomplishments of this study is that the use of a chatbot improved the availability of knowledge. According to the participants, using the chatbot system was much easier than looking for the needed information within the document archive or seeking help from fellow employees. Thus, it can be said that the process of communicating with organizational knowledge was simplified.
Other than being important in terms of accessibility, it is notable that the use of chatbots helped enhance efficiency at work. It was noted by the respondents that the system was quick in giving responses hence conserving time and returning to work without being disturbed. Traditional ways of communicating knowledge entail having to take time to wait for the response or conduct research from various sources, thus disrupting the entire process. The chatbot minimizes this disruption since information becomes immediately available. Although not statistically significant, it is practically meaningful according to the participants' views.
Usability was another critical factor that stood out as one of the strengths during the study. The chatbot was described as easy for people without any technological knowledge to use. Participants expressed satisfaction with how user-friendly the system was, as well as how users could communicate with the system using natural language. The way the system was designed, using familiar elements from the company, was an additional factor that contributed to the improvement in usability.
However, in spite of all these advantages, the lack of trust appeared as one of the most serious drawbacks to using chatbots at work. Some respondents reported being quite confident about this system while others were more reluctant to trust information provided by it. First of all, they were worried about the reliability of the responses provided by the chatbot. The participants claimed that they were unlikely to trust it whenever the answer was wrong, particularly, when it was given with certainty. Such results indicate the significance of reliability in AI technologies. Trust is an essential factor influencing the decision to employ this system in employees' everyday activity.
In summary, the degree of satisfaction by most of the users was fairly high since they had stated that the use of the chatbot had made their tasks easy and fast. The app turned out to be highly effective in performing jobs that needed immediate information such as product details. Convenience, efficiency, and ease of use were some of the reasons for the increase in user satisfaction. However, user satisfaction was influenced by the same factors that had influenced user trust, which included accuracy and reliability.
The results obtained through qualitative research also provided further insights into the experience of employees. In particular, the employees pointed out possibilities for saving time because of the usage of the chatbot and its ease of use for carrying out day-to-day business activities. Moreover, certain suggestions regarding improving the performance of the system and obtaining more information for analysis were also proposed. This demonstrates that the chatbot was recognized as a helpful instrument by the employees, who were willing to enhance it further.
It should be noted that there were some limitations related to the study that affected its outcomes. First of all, the number of subjects involved in the study was quite small, because the total number of replies obtained was limited. Therefore, it makes it difficult to use the results in a broader context. Second of all, the chatbot developed to conduct an experiment had a limited amount of data. As a result, it did not provide a realistic situation. Finally, the use of self-reporting in the process of the research should be mentioned. There is a possibility of biased data.
Despite these limitations, however, it should be noted that some valuable findings were made regarding the role of AI chatbots in knowledge management. Firstly, it is necessary to say that there is considerable potential for improving accessibility, making knowledge acquisition more efficient, and creating a convenient user experience. Moreover, the question of possible unreliability was raised as well. What is more, it has become clear that employees' attitude towards AI applications should be taken into account.
Overall, this study is valuable for both theoretical and practical considerations regarding the use of artificial intelligence in knowledge management. This study has filled a gap in current literature since the study considers employees' perception of using AI, not just the technicality of AI systems. The findings from the study indicate that although the use of chatbot technology has enormous potential, several determinants affect its adoption.
To summarize, chatbot systems utilizing AI seem to be a wonderful tool for fostering knowledge management in corporations. Chatbots offer an effective communication channel providing easily accessible information, which cannot be said about other tools available nowadays. However, for chatbots to become more useful, it is essential for corporations to invest time and energy in enhancing their reliability and putting them into practice in an appropriate environment.
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