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Executive Summary 
Despite the near-universal penetration of smartphones, and the widespread regulatory drive towards digital banking in the UAE, adoption of mobile banking is inconsistent. It is hence practical significance to banks in the UAE market to understand the factors that influence consumers' intention to adopt of mobile banking. This study is based on the Unified Theory of Acceptance and Use of Technology (UTAUT) and investigates four constructs: Performance Expectancy, Effort Expectancy, Facilitating Conditions and Social Influence, which may be used to predict consumers' intention to use mobile banking in the UAE.
The deductive research approach was used. Data were gathered using a self-administered online questionnaire that was sent out to residents of UAE which resulted in 103 completed questionnaires. Multiple regression analysis was used to test the four hypotheses.
The findings indicated that both Effort Expectancy and Facilitating Conditions were significant positive predictors of the consumers' intention to adopt mobile banking, with Facilitating Conditions being the most powerful predictor. Performance Expectancy and Social Influence were not statistically significant. The results indicate that UAE bank managers should focus on offering more customer support services (both in terms of their availability and quality) and ensure the interfaces of their mobile banking platforms are easy to use, as these factors are likely to boost their customers' intention to adopt mobile banking as a financial channel.
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خلاصة
على الرغم من الانتشار الشبه الشامل للهواتف الذكية والتعزيز التنظيمي لنشط الخدمات المصرفية الرقمية في دولة الإمارات العربية المتحدة، يظل اعتماد المستهلكين للخدمات المصرفية عبر الهاتف المحمول متفاوتاً. يكتسب فهم العوامل التي تدفع المستهلكين إلى تبنّي هذه الخدمات أهمية عملية بالغة للبنوك العاملة في السوق الإماراتي. استناداً إلى النظرية الموحّدة لقبول التكنولوجيا واستخدامها (UTAUT)، تفحص هذه الدراسة أربعة عوامل — توقعات الأداء، وتوقعات الجهد، وظروف التيسير، والتأثير الاجتماعي — بوصفها متنبئات بنية المستهلكين لتبنّي الخدمات المصرفية عبر الهاتف المحمول في دولة الإمارات.
اعتُمد منهج بحثي استنتاجي، وجُمعت البيانات عبر استبانة إلكترونية ذاتية الإجابة وُزِّعت على مقيمين في الدولة، وبلغ إجمالي الاستجابات المكتملة 103 استجابات. وقد استُخدم تحليل الانحدار المتعدد لاختبار الفرضيات الأربع.
كشفت النتائج أن توقعات الجهد وظروف التيسير يُمثّلان متنبئين إيجابيين ذوَي دلالة إحصائية بنية المستهلكين لتبنّي الخدمات المصرفية عبر الهاتف المحمول، إذ برزت ظروف التيسير باعتبارها العامل الأكثر تأثيراً. في المقابل، لم يبلغ كلٌّ من توقعات الأداء والتأثير الاجتماعي مستوى الدلالة الإحصائية. تشير هذه النتائج إلى أن مديري البنوك في الإمارات ينبغي أن يُولوا الأولوية لتوافر خدمات دعم العملاء وجودتها، فضلاً عن تبسيط واجهات تطبيقات الخدمات المصرفية، بوصفها العوامل الأكثر احتمالاً لتعزيز نية المستهلكين لاعتماد الخدمات المصرفية عبر الهاتف المحمول قناةً ماليةً أساسية.

الكلمات المفتاحية: الخدمات المصرفية عبر الهاتف المحمول، اعتماد المستهلك، النظرية الموحّدة لقبول التكنولوجيا، النية السلوكية، الإمارات العربية المتحدة
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Chapter 1: Introduction
1.1 Research Background
A major paradigmatic shift in how banking services are delivered has taken place in the global financial services sector, as traditional branch-based models give way to digital platforms and mobile banking becomes the predominant service channel in markets with widespread smartphone usage. The drivers behind this shift are based upon clearly articulated operational advantages: lower cost per transaction; wider geographical reach; and greater ability for real-time customer engagement than can be replicated through large-scale branch infrastructure. However, these advantages will only be realised if there is consumer adoption of mobile banking channels.
Technology enables organisations to derive value through three mechanisms: it reduces transactional friction; shortens processing times; and enables the reallocation of human capital from routine activities to higher value-added functions. Carlson, O'Cass and Ahrholdt (2015) reported that investments in digital channels in retail banking resulted in lower costs per service delivery, improved customer satisfaction, and faster, more available core transactions due to the increased use of self-service functions. As such, technology represents both a tool for managing costs and a means of increasing competitiveness, enabling banks to service a larger number of customers without an associated increase in operational expenditure.
In terms of the banking sector specifically, mobile applications provide a near-zero cost digital alternative to the marginal cost of interacting with branches, reduce errors caused by manual processing, and facilitate the generation of transactional data that is useful for product development and risk assessment. As a result, banks that successfully promote mobile banking shift operationally-intensive transactions away from high-cost physical channels. For example, Emirates NBD, First Abu Dhabi Bank, and ADCB are among the institutions in the UAE that have positioned mobile applications as primary service channels. Further, the UAE Central Bank's Financial Infrastructure Transformation Programme provides regulatory encouragement for the rapid expansion of digital banking across all sectors (UAE Central Bank, 2023).
Notwithstanding these potential benefits, user resistance to mobile banking persists across many markets in which sophisticated digital infrastructures already exist. Laukkanen (2016) identified perceived risk, perceived interface complexity, and the absence of a compelling reason to alter existing patterns of banking behaviour as the most significant impediments to adoption. Moreover, he noted that a considerable proportion of customers who possess mobile banking applications continue to utilise branch or internet banking as their primary channel. Performance expectancy, effort expectancy, facilitating conditions, and social influence are the four perceptions that have been studied in this investigation based on UTAUT by Venkatesh et al. (2003) since they represent the primary issues driving or impeding the adoption of mobile services from a consumer perspective, with institutional support being essential to the acceleration of the shift toward mobile first service delivery.
1.2 Research Context – UAE
The UAE provides a particularly suitable setting for conducting this research. Given its highly developed smartphone market, whereby over 98 percent of the population possesses a smartphone (Global Media Insight, 2023), combined with an active regulatory environment promoting the development of digital financial services, the UAE serves as an appropriate context in which to investigate consumer perceptions regarding mobile banking. Additionally, more than 89 percent of UAE residents are expatriates from various countries with differing prior experiences of banking systems and digital services (UAE Government Portal, 2023). Therefore, the available infrastructures along with diverse prior banking experiences among the consumers show that supply side explanations alone cannot establish why consumers vary in their adoption of mobile banking. Accordingly, an examination of how consumers perceive mobile banking services (i.e., a demand side explanation) is needed to identify the factors shaping consumers’ intentions to adopt mobile banking services within the UAE.

1.3 Aim and Objectives
The aim of this study is to examine the factors that affect consumers' intention to adopt mobile banking services in the UAE. Behavioural intention is used as the dependent variable in this study and defined as a consumer's expressed intent to adopt their bank's official smartphone app as an ongoing primary financial channel. This approach is consistent with the literature in technology adoption research (Venkatesh et al. 2003; Alalwan et al. 2017). There are four objectives which are designed to accomplish this goal.

Objective 1: To examine the relationship between Performance Expectancy (the belief that mobile banking will improve the efficiency of financial tasks) and consumers' intention to adopt mobile banking in the UAE.
Objective 2: To examine the relationship between Effort Expectancy (the belief that mobile banking is easy to use) and consumers' intention to adopt mobile banking in the UAE.
Objective 3: To assess the relationship between Facilitating Conditions (the availability of resources and institutional support) and consumers' intention to adopt mobile banking in the UAE.
Objective 4: To investigate the relationship between Social Influence (normative pressures and peer behaviour) and consumers' intention to adopt mobile banking in the UAE.

Each objective corresponds directly to a single construct from UTAUT, providing the conceptual foundation for this research. The overall research question guiding this study is: What is the relationship between Performance Expectancy, Effort Expectancy, Facilitating Conditions, and Social Influence, and consumers’ intention to adopt mobile banking in the UAE?
1.4 Report Structure
This study progresses as follows. Section 2 reviews the relevant literature and develops four testable hypotheses. Section 3 outlines the methodology employed. Section 4 reports the empirical findings. Section 5 discusses the findings against prior evidence. Section 6 summarises the objectives, provides practical recommendations, and identifies the limitations of this study.
Chapter 2: Conceptual Framework and Literature Review
2.1 Conceptualisation of Mobile Banking Adoption
The terms 'acceptance', 'use' and 'adoption' are used in the literature regarding technology behaviours and there exists considerable overlap in the definitions. While these terms are often used interchangeably, they represent important differences in an analytical sense. Acceptance represents an attitudinal position — i.e. an individual's favourable assessment of a technology as being useful and easy to use prior to changes in behaviour. Use is represented as behaviour and can be measured either directly through a technology's system logs or indirectly via self-report. Adoption is a process of decision-making whereby an individual transitions from an initial awareness and evaluation of an innovation to the continued integration of that innovation into their routine practices. As such, the conceptual difference between acceptance and adoption is significant in the context of mobile banking. For example, an individual may perceive a mobile banking application positively yet continue to perform most of their financial transactions at a physical branch or via internet banking. It is the gap between consumers' perceptions of mobile banking and their expressed intention to adopt it as a primary financial channel that commercial entities need to understand. Therefore, the key commercial issue is not whether consumers perceive mobile banking positively, but whether they intend to adopt it as the main channel for managing their finances on an daily basis, and conflating acceptance with adoption forecloses consideration of this key commercial issue early in the research process.

Definitions of mobile banking adoption vary widely across the literature in terms of focus and operationalisation, and the selection of a particular definition has direct implications for research design. Luo et al. (2010) define mobile banking adoption as an individual's initial decision to use a bank's mobile service, focusing on the transition from non-use to first-time use. While this definition captures take-up, it does not capture sustained reliance. Hanafizadeh et al. (2014) broaden this definition to include long-term and voluntary use as part of an established routine for managing one's finances, thereby incorporating elements of embedded adoption. Finally, Alalwan et al. (2017) operationalise adoption through behavioural intention, as behavioural intention is typically viewed as the immediate cognitive precursor to behaviour and thus serves as a more appropriate indicator of intent to adopt a technology than the ultimate outcome of adoption itself. This study adopts the operationalisation of Alalwan et al. (2017). Mobile banking adoption refers to consumer's intention to adopt a bank's official smartphone application (e.g. for fund transfers, account management, bill payment, and transaction monitoring) as an ongoing primary financial channel. Behavioural intention is also utilized as the dependent variable throughout this study since it is the construct that UTAUT's structural model is designed to predict.
2.2 Theoretical Framework
Research on technology adoption has generated numerous competing theoretical frameworks. Davis (1989) developed the Technology Acceptance Model (TAM), which argued that perceived usefulness and perceived ease of use are the primary predictors of adoption intention. While TAM provided parsimony and demonstrated good predictive capability, it did not account for social influences, contextual factors, and institutional support structures that subsequent research identified as consequential. Notwithstanding these limitations, TAM remains generally applied. Ajzen (1991) developed the Theory of Planned Behaviour (TPB), which incorporates subjective norms and perceived behavioural control alongside attitude; however, it does not lend itself easily to the technology-specific dimensions of user perception. Rogers (1995) provided further insight on why some technologies have greater diffusion potential through innovation characteristics such as relative advantage, compatibility, and complexity, though primarily at a macro level. Although each of the models accounted for a significant amount of variance in adoption intentions across multiple settings, they had varying levels of explanatory value based upon the type of technology, the population, and the context examined.
In response to this fragmentation, Venkatesh et al. (2003) developed the Unified Theory of Acceptance and Use of Technology (UTAUT) through an empirical comparison of eight competing models: TAM, TRA, TPB, the Motivational Model, C-TAM-TPB, MPCU, IDT and SCT. UTAUT retained four core constructs as direct determinants of behavioural intention: Performance Expectancy, Effort Expectancy, Social Influence, and Facilitating Conditions. UTAUT explained approximately 69 to 70 percent of variance in behavioural intention, outperforming each of the eight models included in the comparison. Given its ability to integrate the explanatory strengths of previous frameworks into a single validated structure and its application across multiple national mobile banking adoption studies, UTAUT was selected as the theoretical framework for this study.
Studies applying UTAUT to mobile banking adoption have produced consistent findings for Performance Expectancy and Effort Expectancy across diverse national contexts, whereas Social Influence and Facilitating Conditions have exhibited variability depending on the cultural, infrastructural and regulatory characteristics of the study population (Baptista and Oliveira, 2015; Alalwan et al., 2017; Zhou et al., 2010; Raza et al., 2017). To date, no published study has applied UTAUT to consumer mobile banking adoption in the UAE using primary survey data collected from UAE residents (based on the review of the literature). The UAE presents a unique set of circumstances: near-universal smartphone penetration, regulatory encouragement of digital financial services, and a culturally diverse expatriate-majority resident population with varied prior experiences of banking systems. Whether the predictive architecture of UTAUT applies similarly in this context is the empirical question this study addresses.
2.3 Hypothesis Development
2.3.1 Performance Expectancy and Mobile Banking Adoption
Performance Expectancy refers to the extent to which individuals believe that using a particular technology will enhance their performance in executing tasks (Venkatesh et al., 2003). It is consistently cited as the strongest predictor of behavioural intention across UTAUT-based studies of mobile banking adoption. Mobile banking offers options to consumers such as being able to complete routine transactions remotely, monitor account activity in real time, and consolidate multiple financial services in one platform, which reduces the cost of time and physical demands typically associated with traditional banking. Luarn and Lin (2005) identified perceived usefulness as the leading predictor of mobile banking adoption intention in Taiwan, a finding consistently replicated across further national contexts, with Alalwan et al. (2017) identifying Performance Expectancy as the most powerful predictor in Jordan, and Baptista and Oliveira (2015) and Raza et al. (2017) confirming the relationship in Mozambique and Pakistan respectively. 

The consistency of these findings across diverse economic and cultural contexts, combined with the perceived advantages that mobile banking offers in terms of time and convenience in the UAE — a very competitive digital banking environment exists in the UAE where numerous local and international institutions are competing for customer loyalty based upon the quality of their digital products (UAE Central Bank, 2023)— lends empirical support to the following hypothesis.  Hypothesis 1: There will be a significant positive relationship between consumers' perception of Performance Expectancy toward mobile banking and their intention to adopt mobile banking in the UAE.
2.3.2 Effort Expectancy and Mobile Banking Adoption
Effort Expectancy is defined as "the degree to which an individual believes that using a specific system would require effort" (Venkatesh et al., 2003, p. 450). According to Venkatesh et al. (2003), the impact of Effort Expectancy on behavioural intention is expected to be highest at early stages of use and among users with limited prior experience with technology, as the cognitive cost of learning a new interface is most salient before familiarity has reduced it. Once users develop familiarity with an interface, the cognitive cost of effort diminishes and performance-related concerns become more dominant. A consistent positive relationship between Effort Expectancy and mobile banking adoption intention has been reported across diverse national contexts, including findings from Hanafizadeh et al. (2014) across 49 studies in a meta-analysis, and individual studies in China (Zhou et al., 2010), Mozambique (Baptista and Oliveira, 2015), and Jordan (Alalwan et al., 2017). 

In the UAE, where users are generally highly familiar with smartphones, effort concerns are more likely to relate to security authentication processes, error recovery in failed transactions, and the perceived irreversibility of digital payment operations — issues that are conceptually distinct from typical app usability concerns and provide contextualised support for why Effort Expectancy remains a significant predictor of adoption intention even among digitally proficient users.  Hypothesis 2: Effort Expectancy will have a significant positive effect on consumers' intention to adopt mobile banking in the UAE.
2.3.3 Facilitating Conditions and Mobile Banking Adoption
Facilitating Conditions represent "an individual's beliefs concerning whether an organisational and technical infrastructure exists to support system use" (Venkatesh et al., 2003, p. 453). Specifically within the context of this research, facilitating conditions refers to; available resources, knowledge, and support provided by banks to enable customers to successfully utilize mobile banking. In the original UTAUT validation study, Facilitating Conditions did not demonstrate a statistically significant relationship with behavioural intention once Performance Expectancy and Effort Expectancy were entered into the model as predictors. However, Facilitating Conditions were shown to directly affect actual usage behaviour, particularly among older users with extensive experience. In a consumer-based mobile banking context where no employer-provided IT support exists and the bank is solely responsible for supporting user needs, Facilitating Conditions may apply an influence on behavioural intention independent of users’ perceptions of ease of use. Subsequent studies across multiple national contexts have consistently confirmed this relationship, including Jordan (Alalwan et al., 2016), Mozambique (Baptista and Oliveira, 2015), Pakistan (Raza et al., 2017), and China (Zhou et al., 2010). In the UAE, where device access is not a barrier, the operative dimension of Facilitating Conditions relates to the perceived quality and accessibility of bank-provided digital support — namely live chat functionality, in-application support features, and dedicated helplines — which vary across institutions and shape consumer confidence in using mobile banking as a primary financial channel. If consumers believe that support will not be made readily available to them when they encounter difficulty with mobile banking, it is likely that they will hesitate to depend on mobile banking as one of their primary channels for conducting financial transactions even if the application itself appears to be simple to operate (Alalwan et al., 2016). Hypothesis 3: Facilitating Conditions will have a significant positive effect on consumers’ intention to adopt mobile banking in the UAE.
2.3.4 Social Influence and Mobile Banking Adoption
Social Influence represents "the degree to which an individual perceives that important others believe they should use the new system" (Venkatesh et al., 2003, p. 451). In voluntary contexts, social influence constructs tend to be less significant than in mandatory organisational settings; however, several studies examining the role of social influence in voluntary mobile banking adoption contexts have yielded contrary results. Zhou et al. (2010) and Alalwan et al. (2017) demonstrated significant positive relationships between Social Influence and mobile banking adoption intention in China and Jordan respectively, with Alalwan et al. (2017) noting that Social Influence represented the second largest predictor in their model. Similar results were reported by Baptista and Oliveira (2015) in Mozambique, and a meta-analytic review by Hanafizadeh et al. (2014) confirmed Social Influence as consistently significant across 49 studies regardless of whether adoption was characterised as voluntary or mandatory. 

Collectively, these findings indicate that Social Influence operates actively in shaping consumers' intention to adopt mobile banking in voluntary contexts, through peer identification and social normalisation. Peer normalization of mobile banking usage, occurs when customers observe their peers and work associates utilizing mobile banking frequently and consequently - view these observations as examples of what they could do in order to begin adopting mobile banking. It is a plausible and well-supported empirical factor driving the intention to adopt mobile banking among peers in the UAE given its culturally diverse professional and social networks (Alalwan et al., 2017; Zhou et al., 2010)Hypothesis 4: Social Influence will have a significant positive effect on consumers' intention to adopt mobile banking in the UAE.
2.3.5 Proposed Research Model
The four hypotheses established above position Performance Expectancy, Effort Expectancy, Facilitating Conditions, and Social Influence as independent variables with hypothesised direct relationships with consumers' intention to adopt mobile banking in the UAE. 
Figure 1 illustrates the proposed research model, depicting the hypothesised relationships corresponding to Hypotheses 1 through 4.
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Figure 1: Proposed Research Model — Performance Expectancy, Effort Expectancy, Facilitating Conditions, and Social Influence as independent predictors of Consumers' Intention to Adopt Mobile Banking in the UAE

















Chapter 3: Methodology
3.1  Research Approach
A deductive research approach is utilised in this study. As Bryman (2016) stated, deductive reasoning is based on the idea that we start with an established theory and move towards empirical evidence. This study contains four hypotheses related to the relationship between the four variables (Performance Expectancy, Effort Expectancy, Facilitating Conditions, and Social Influence) and consumers’ intention to adopt mobile banking in the UAE, which is operationalised as behavioural intention consistent with established UTAUT research (Venkatesh et al., 2003; Alalwan et al., 2017). Data collected from UAE residents were used to test whether the hypothesised relationships between those variables are statistically supported in this sample, and whether, based on statistical significance, each hypothesis can be supported or rejected.
A deductive approach is appropriate for this study for two reasons. Firstly, UTAUT is one of the most well-validated and extensively tested theoretical frameworks (Venkatesh et al., 2003; Alalwan et al., 2017), offering a solid basis for developing testable hypotheses, making this a confirmatory rather than exploratory study. Secondly, an inductive approach is better suited where limited established theory exists — which is not applicable here.

3.2 Research Strategy
The selected research strategy is a survey, which utilises standardised procedures to collect data from a defined sample by means of questionnaires, and the collected quantitative data are then statistically analysed (Saunders et al., 2019). The survey strategy is particularly suitable for this study since the four UTAUT variables being assessed exist as internal states of respondents that cannot be observed directly and must be elicited through self-report, with validated Likert scale items enabling inferential statistics to be performed to test the four hypotheses.




3.3 Methods of Data Collection
3.3.1 Research Tool: Questionnaire
A self-administered structured questionnaire was used as the primary data collection instrument. The survey was conducted online via Google Forms and distributed to UAE residents through personal networks, professional contacts, and social media channels. The questionnaire is an appropriate method for gathering attitudes and perceptions from numerous respondents in a standardised format that enables comparison across respondents (Bryman, 2016). Each item in the questionnaire was closed-ended, reducing ambiguity in interpreting participants’ responses and simplifying the coding process. Although it is important to note that respondents may still interpret closed-ended items differently.
The questionnaire contained two main components. Part 1 contained six demographic questions: Gender, Age Group, Occupation, Educational Level, Duration of Mobile Banking Use, and Frequency of Current Use. Parts 2 through 6 assessed the five constructs using Likert-scale items, as outlined in Section 3.3.3. The questionnaire was completed in approximately eight to ten minutes and was provided exclusively in English. A total of 103 completed responses were obtained from UAE residents.
3.3.2 Sampling
This study used non-probability convenience sampling, including people living in the UAE who are currently using their banks' official mobile banking applications. Convenience sampling relies on selecting participants based upon their accessibility to the researcher instead of a selection process leading to a randomized pool of participants (Bryman, 2016). This sampling method was selected because of practical constraints, since there is no comprehensive sampling frame available covering all mobile banking users within the UAE that would allow probability-based sampling within the scope of this study. Participants of the questionnaire were sought out by personal and professional networks, including colleagues, social contacts, and social media channels. All the participants were required to be UAE residents aged 18 and above.
The number of observations (respondents) exceeds the commonly recommended base of 100 observations for multiple regression analysis with less than six predictor variables (Hair et al., 2019) at 103 completed responses from UAE residents, which also fulfills the "rule of thumb" of at least ten observations per predictor variable, with four independent variables and one dependent variable in this study. While this sample size is considered sufficient to perform regression analysis, it is important to highlight that the findings of this study may not be generalisable across all segments of the broader UAE mobile banking users via a population convenience sampling approach. One specific disadvantage of convenience sampling is that respondents are selected from a specific demographic and may not accurately represent the wider population with regard to their banking behaviours and experiences with mobile technology. This limitation is further addressed in Section 6.3.
3.3.3 Measures
Likert-scale items adapted from the measurement instruments developed by Venkatesh et al. (2003) for the UTAUT framework were utilized to assess each construct. The original items were then altered to specifically refer to mobile banking services instead of general information technology, to specify the contextual relevance to the study setting (Alalwan et al., 2017). Each scale used a five-point rating scheme from Strongly Disagree (1), Disagree (2), Neutral (3), Agree (4), and Strongly Agree (5). This format is typically used in UTAUT studies surrounding mobile banking that utilise similar item wordings and scales present in previous research.
Each construct was measured using adapted Likert-scale items, with Performance Expectancy, Effort Expectancy, and Facilitating Conditions each assessed using four items, and Social Influence and Behavioural Intention each assessed using three items. Table 1 summarises the constructs, number of items, scale, and sources.
	Construct
	Items
	Scale
	Adapted from

	Performance Expectancy (PE)
	4
	5-point Likert (1=Strongly Disagree, 5=Strongly Agree)
	Venkatesh et al. (2003); Davis (1989)

	Effort Expectancy (EE)
	4
	5-point Likert (1=Strongly Disagree, 5=Strongly Agree)
	Venkatesh et al. (2003); Davis (1989)

	Facilitating Conditions (FC)
	4
	5-point Likert (1=Strongly Disagree, 5=Strongly Agree)
	Venkatesh et al. (2003); Thompson et al. (1991)

	Social Influence (SI)
	3
	5-point Likert (1=Strongly Disagree, 5=Strongly Agree)
	Venkatesh et al. (2003); Fishbein & Ajzen (1975)

	Behavioural Intention (BI)
	3
	5-point Likert (1=Strongly Disagree, 5=Strongly Agree)
	Venkatesh et al. (2003); Davis et al. (1989)


Table 1: Measurement Constructs, Items, and Sources

3.4 Methods of Data Analysis
Two methods were used to analyse data, corresponding to the two goals of Section 4: descriptive characterisation of the sample, and hypothesis testing. Frequency tables were developed to display the demographic profile of the 103 respondents in relation to the six variables collected in Section 1 of the questionnaire. Frequency distributions report the number and percentage of respondents in each category. Generalisations cannot be made to the wider UAE mobile banking population based upon the results reported in the tables presented in Section 4.1.
To evaluate Hypotheses 1 through 4 simultaneously, multiple regression analysis was employed, which estimates the relationship between a set of independent variables and a single continuous dependent variable, producing standardised coefficients (Beta) for each predictor that indicate the direction and relative strength of association with the outcome, while controlling for the effects of the remaining predictors (Field, 2018). This methodology is suitable for this research as it allows for the simultaneous modelling of four predictor-outcome associations in one model, which is required to establish whether each of the constructs from UTAUT contributes independently to predict consumers' intentions to adopt mobile banking, while accounting for the contributions of the other constructs to evaluate internal consistency reliability. The minimum acceptable value of Cronbach’s Alpha is set at 0.70, per Nunnally and Bernstein’s (1994) recommendation. Constructs meeting this threshold are treated as reliably measured. Throughout all analyses in Section 4, Behavioural Intention, defined as consumers' intention to adopt mobile banking in the UAE, serves as the dependent variable. All data analysis was conducted using SPSS.

3.5 Ethics
This study was conducted in accordance with the ethical guidelines and obtained approval from the MBA research & projects facility at the British University in Dubai. There are three ethical principles that govern the data collection process: informed consent, anonymity, and confidentiality. These principles were presented to participants in the Participant Information Statement at the opening of the questionnaire.

Informed consent was secured before any data were collected. The Participant Information Statement detailed the purpose of the research, the voluntary nature of participation, the right to withdraw prior to submission without consequence, and that proceeding with submitting the questionnaire constituted consent. No incentives were offered to the participants.
Anonymity was maintained amongst the participants by avoiding any collection of potential personally identifiable information. Names, email addresses, and device identifiers were neither requested nor captured. Google Forms was configured so that no automated email collection occurred. All demographic variables are reported at the aggregate level only, meaning no individual respondent can be identified from the data as presented.
Confidentiality is maintained by restricting access to the raw dataset to the researcher alone. Data are stored in password-protected files on a personal device, which cannot be accessed by any third party. Data are used solely for the academic purposes of this study and will not be shared with or disclosed to any third-party entities.

Chapter 4: Analysis
4.1 Sample Characteristics
Table 2 presents the demographic profile of the 103 respondents. The sample was slightly female-dominant, with 55 female respondents (53.4%) and 48 male (46.6%). The age distribution was skewed toward younger adults: the 25–34 bracket constituted the largest single group at 46.6% (n = 48), followed by 18–24 at 18.4% (n = 19). The 35–44 and 45–54 brackets each accounted for 14.6% (n = 15), with respondents aged 55 and above representing 5.8% (n = 6). The majority of respondents were employed full-time (60.2%, n = 62), with students and self-employed respondents each accounting for 11.7% (n = 12). Part-time employed and unemployed respondents each represented 6.8% (n = 7), and retired respondents constituted 2.9% (n = 3).
Educational attainment was high across the sample. Bachelor's degree holders formed the largest group at 43.7% (n = 45), followed by those with a Master's degree at 25.2% (n = 26). Respondents educated to high school level or below accounted for 14.6% (n = 15), Diploma holders for 10.7% (n = 11), and Doctorate holders for 5.8% (n = 6). In terms of mobile banking experience, 66.0% of respondents (n = 68) had been using mobile banking for more than five years, indicating a predominantly experienced user base. A further 17.5% (n = 18) had between three and five years of experience, 12.6% (n = 13) between one and three years, and 3.9% (n = 4) less than one year. Usage frequency was high: 47.6% (n = 49) used mobile banking daily or almost daily, and a further 34.0% (n = 35) used it at least once per week, meaning 81.6% of the sample were regular or daily users.
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Table 2: Sample Demographic Profile (n = 103)
4.2 Hypothesis Testing
The hypothesis testing consists of 3 parts. Part one, the internal consistency reliability of each construct is measured using Cronbach’s alpha to verify that the measures used are appropriate for further study. Part two evaluated the assumptions of multiple linear regression, particularly multicollinearity among the independent variables. Part three, multiple linear regression analysis was performed to test hypotheses 1-4 concurrently as well as evaluate the independent predictive capability of each UTAUT construct toward consumers’ intention to adopt mobile banking in the UAE.
4.2.1 Reliability
Internal consistency reliability was assessed for each construct using Cronbach's Alpha (Cronbach, 1951). The results are presented in Table 3. All five constructs exceeded the 0.70 threshold recommended by Nunnally and Bernstein (1994), confirming that the measurement scales are internally consistent and suitable for inclusion in the regression analysis. Behavioural Intention returned the highest alpha at 0.941, indicating very high internal consistency across its three items. Effort Expectancy also returned a high alpha of 0.927. Performance Expectancy (α = 0.796), Social Influence (α = 0.799), and Facilitating Conditions (α = 0.794) all met the reliability threshold, though with more modest coefficients consistent with the greater thematic breadth of their item sets. No items were removed during reliability assessment, as all constructs exceeded the threshold in their original form.
	Construct
	Items
	Mean
	SD
	α

	Performance Expectancy (PE)
	4
	4.17
	0.87
	0.796

	Effort Expectancy (EE)
	4
	4.10
	0.99
	0.927

	Facilitating Conditions (FC)
	4
	4.42
	0.68
	0.794

	Social Influence (SI)
	3
	4.22
	0.79
	0.799

	Behavioural Intention (BI)
	3
	4.42
	0.77
	0.941


Table 3: Construct Reliability, Means, and Standard Deviations
4.2.2 Multicollinearity
Prior to performing the multiple regression analysis, an assessment of whether there was any multicollinearity was made by evaluating the Variance Inflation Factor (VIF) and tolerance values for every independent variable (Hair et al. 2019). When VIF exceeds 5.0 or when tolerance is less than 0.20, this indicates a problem due to multicollinearity (Field 2018). The results in Table 4 indicate that all four predictors had VIFs below the threshold, including social influence at 1.477 and facilitating conditions at 3.185; also, all four predictors had tolerances over 0.20, including social influence at 0.314 and facilitating conditions at 0.677. Thus, these results verified that multicollinearity is not a concern for this data set, and therefore, the regression coefficients could be analyzed with some confidence.
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Table 4: Multicollinearity Statistics — Tolerance and VI

4.2.3 Multiple Regression
Multiple regression analysis was conducted with Performance Expectancy, Effort Expectancy, Facilitating Conditions, and Social Influence as independent variables and Behavioural Intention — operationalised as consumers' intention to adopt mobile banking in the UAE — as the dependent variable. The overall model was statistically significant, F(4, 98) = 66.330, p < .001, and explained 73.0% of the variance in Behavioural Intention (R² = 0.730, Adjusted R² = 0.719). This indicates strong collective explanatory power across the four UTAUT constructs in the UAE context. The regression coefficients are presented in Table 5.

Effort Expectancy was a significant predictor of consumers' intention to adopt mobile banking (β = 0.324, t = 3.566, p < .001), providing support for H2. Facilitating Conditions was the strongest significant predictor in the model (β = 0.423, t = 4.514, p < .001), providing support for H3. Performance Expectancy did not reach significance (β = 0.109, t = 1.456, p = .149), meaning H1 is not supported. Social Influence was similarly non-significant (β = 0.113, t = 1.765, p = .081), meaning H4 is not supported. Table 5 presents the full regression output including unstandardised coefficients (B), standardised coefficients (β), standard errors, t-statistics, p-values, and hypothesis decisions.










	Variable
	B
	β
	SE
	t
	p
	Decision

	(Constant)
	0.415
	-
	0.299
	1.389
	.168
	-

	Performance Expectancy (PE)
	0.096
	0.109
	0.066
	1.456
	.149
	Not Supported

	Effort Expectancy (EE)
	0.250
	0.324
	0.070
	3.566
	.001***
	Supported

	Facilitating Conditions (FC)
	0.480
	0.423
	0.106
	4.514
	<.001***
	Supported

	Social Influence (SI)
	0.109
	0.113
	0.062
	1.765
	.081
	Not Supported

	R² = 0.730; Adjusted R² = 0.719; F(4, 98) = 66.330, p < .001

	Dependent variable: Behavioural Intention (BI). *** p < .001


Table 5: Multiple Regression Results — Predictors of Behavioural Intention
In summary, two of the four hypotheses are supported by the data. Effort Expectancy and Facilitating Conditions are significant independent predictors of consumers' intention to adopt mobile banking in the UAE. Performance Expectancy and Social Influence do not retain significance when the effects of the other constructs are controlled for, despite their positive direction. The implications of these findings are discussed in Section 5.
Chapter 5: Discussion
5.1 Performance Expectancy (H1 — Not Supported)
The overall regression model was statistically significant and explained a substantial amount of variance in consumers' intention to adopt mobile banking in the UAE, demonstrating the importance of the four UTAUT constructs in this study. However, the pattern of significant predictors differs from what prior literature would predict: both Effort Expectancy and Facilitating Conditions were significant, whereas Performance Expectancy and Social Influence were not. Each finding is discussed below.
Performance Expectancy was not a statistically significant predictor of consumers’ intention to adopt mobile banking in the UAE, even after controlling for the other three constructs (β = 0.109, p = .149). This contrasts with prior literature, including Alalwan et al. (2017) in Jordan, Luarn and Lin (2005) in Taiwan, and Raza et al. (2017) and Baptista and Oliveira (2015) in Pakistan and Mozambique, respectively, all of whom identified Performance Expectancy as a significant driver of adoption intention. A possible explanation lies in the sample's experience profile. Karahanna et al. (1999) demonstrated that performance-related beliefs exert their greatest influence on adoption intention prior to first use and are progressively displaced by experiential assessments as users accumulate direct engagement with the system. Given that 66.0% of respondents had been using mobile banking for more than five years, and 81.6% reported daily or near-daily use, performance-based utility may no longer represent an actively evaluated belief for most respondents but rather an expectation already incorporated into routine financial behaviour. This interpretation is consistent with the positive bivariate association between Performance Expectancy and consumers’ intention to adopt mobile banking, which indicates the relationship exists but has been absorbed by the other constructs once entered simultaneously into the model. Additionally, Venkatesh et al. (2003) acknowledged that construct relationships within UTAUT are context-dependent, and the present findings suggest that, for an experienced, high-frequency mobile banking population, the decision to adopt may well have been made prior to the performance argument. This implies that for UAE banks, emphasising the speed or convenience of mobile banking is unlikely to boost incremental adoption intention among current customers; banks should instead focus on ease of use and institutional support.  

5.2 Effort Expectancy (H2 — Supported)
Effort Expectancy was a significant positive predictor of consumers' intention to adopt mobile banking in the UAE (β = 0.324, p < .001) and supported Hypothesis 2. Findings were consistent with those reported by Hanafizadeh et al. (2014) who noted that perceived ease of use was significantly related to mobile banking adoption intention across 49 studies, and also consistent with Alalwan et al. (2017) whose results indicated that Effort Expectancy remained significant in Jordan subsequent to the inclusion of prior experience with internet banking. Similar findings have been reported by Zhou et al. (2010) and Baptista and Oliveira (2015). Effort Expectancy has persisted as a significant predictor of consumers' intention to adopt mobile banking in the UAE, despite the sample reporting high levels of mobile banking practice (66.0% having used it for more than five years), which is theoretically notable. Venkatesh et al. (2003) hypothesised that effort-related variables would become less salient as individuals accumulate experience using technology. Results from this study suggest that this attenuation does not occur in the case of mobile banking. Based on previous literature, the explanation why this is the case is that the continuous cognitive workload associated with mobile banking (e.g., security authentication procedures, confirmations of transactions, and the perceived irreversibility of electronic payments) does not decrease with the users' familiarization with the UI (Laukkanen, 2016; Lee, 2009).  Laukkanen (2016) found that security complexity remains an obstacle to engaging with mobile banking among individuals who report having previously used mobile banking services. Lee (2009) demonstrated that perceptions of interface complexity continued to negatively impact bank customer intentions even among those with extensive banking system experience. 
Hence, the takeaway messages for banks in the UAE from this study are that ease-of-use issues need to be addressed on a very specific basis as opposed to usability concerns in general, since the latter are found in all types of smartphone use. In terms of practical solutions, banks could, for instance, implement biometric authentication methods to bypass multi-step password entry, offer transaction guidance in the banking system's app step-by-step, and provide multilingual support to minimize the cognitive load of accessing banking systems in languages other than their native tongue — actions that directly target the effort sources that are still cumbersome for advanced users.
5.3 Facilitating Conditions (H3 — Supported)
Facilitating Conditions proved to be the strongest predictor of consumers' intention to adopt mobile banking in the UAE (β = 0.423, p < .001), thus supporting the H3. This is especially significant in the context of the UAE, where the financial services are undergoing significant digitalisation as part of the Financial Infrastructure Transformation Programme (Financial Infrastructure Transformation Programme (UAE Central Bank), 2023), resulting in consumers increasingly conducting financially sensitive transactions digitally without the added layer of protection of a physical branch interaction. The availability of bank-provided assistance, when needed, is not an afterthought but a key factor in whether consumers are willing to embrace mobile banking as their primary financial instrument in such an environment.
The findings relating to the significance of Facilitating Conditions differ from those derived from the original study validating UTAUT (Venkatesh et al., 2003). Specifically, in the original study, Venkatesh et al. (2003) identified Performance Expectancy and Effort Expectancy as predictors of behavioural intention, whereas Facilitating Conditions were insignificant. Subsequent studies investigating consumer attitudes toward mobile banking have consistently supported the importance of Facilitating Conditions. For example, Alalwan et al. (2016) showed that perceived bank-provided support was a significant predictor of adoption intentions among mobile banking users in Jordan. Similarly, Raza et al. (2017) confirmed that Facilitating Conditions significantly predicted mobile banking adoption intention after controlling for both Performance Expectancy and Effort Expectancy. Finally, similar relationships have been identified in both China (Zhou et al., 2010) and Mozambique (Baptista and Oliveira, 2015).
  The importance of the results in the UAE can be attributed to a fundamental difference between the organisational and the consumer mobile banking environment. Structurally, the employer provides IT support in organisational environments, which implies that there is a reasonable expectation for support to be provided by the employer. However, this is not the case in consumer mobile banking, which relies on banks' investments in customer service infrastructure and depends entirely on consumers' perceptions of support availability (Alalwan et al., 2016).
Furthermore, if consumers believe they need support, the perceived availability of support depends solely upon the bank's investments in their customer service structures. Consumers who have used mobile banking for greater than five years (as evidenced by the fact that 66.0% of respondents indicated having done so) would have experienced situations requiring bank assistance and have consequently developed a personal assessment as to whether or not sufficient support existed. Accessible and responsive service, such as live chat, dedicated helplines and in-app support, boosts customer trust in their bank's ability to effectively manage their finances, mitigates the perceived risk of engaging in financial transactions online, and enhances customers' intentions to adopt mobile banking as their primary financial management tool (Alalwan et al., 2016; Laukkanen, 2016). Thus, institutional support can be considered a trust-building mechanism, and the better its quality, the greater the trust that consumers can place on mobile banking beyond infrequent use. 
Therefore, as banks continue to evolve into digital platforms (UAE Central Bank, 2023), the quality of support they provide through mechanisms such as live chat, dedicated helplines, and in-application guidance may be an important competitive advantage and affect consumers' readiness to adopt mobile banking as a preferred channel. These findings further challenge the original UTAUT model's assumption that Facilitating Conditions exist only at the level of usage behaviour, not intention. Alalwan et al. (2016) proposed that, because consumers incur additional financial risks when engaging in mobile banking transactions, the role of institutional support is elevated from a background condition to an active influence on adoption intentions. In addition, because consumers in consumer banking contexts must earn trust in institutional support rather than assume its existence, perceived institutional support enters the process of forming intention independently of ease-of-use perceptions previously theorised as influential.

5.4 Social Influence (H4 — Not Supported)
Social Influence did not significantly predict consumers' intention to adopt mobile banking in the UAE (β = 0.113, p = .081); therefore, H4 is not supported. As predicted by Venkatesh et al. (2003), social influence constructs tend to be weaker in situations of voluntary adoption where no organisational compliance pressure exists. Venkatesh and Davis (2000) found that subjective norm was stronger in mandatory adoption systems than in voluntary ones. 
Karahanna et al. (1999) provide additional insight into why Social Influence may be non-significant in this context. When there has been little or no usage (i.e., before first-time use), subjective norms can be strong because an individual lacks direct experience with how the technology works and relies on their peer group to help them evaluate whether they want to adopt the new service. As soon as an individual develops their own experiences with the technology, their evaluations based on direct experience begin to displace subjective norms as predictors of intention. Based on the data collected, 66.0% of respondents reported using mobile banking for more than 5 years. This is a plausible explanation for the fact that Social Influence was more a factor in the initial stages of adoption for much of this sample, and is no longer a motivating factor for continued intention. Hartwick and Barki (1994) also showed that subjective norms were significant when evaluating system adoption prior to use, but not after. The near-significant p-value of .081 for Social Influence suggests a possible weak positive effect; however, with a sample of 103 respondents, the study may have been insufficiently powered to detect a statistically significant effect at conformist thresholds. Previously, studies reporting significant effects of Social Influence often show greater diversity in user experience (Alalwan et al., 2017; Zhou et al., 2010). Alalwan et al. (2017) and Zhou et al. (2010) sampled populations with a higher number of first-time or early-stage mobile banking consumers – these are the consumers that theory predicts have a stronger normative influence, because they have not yet developed experiential judgments. Hence, in future research, Social Influence can be a potential determinant of the intention to adopt among less-experienced users and/or during the pre-adoption phase of the mobile banking journey.
Chapter 6: Conclusion
6.1 Study Objectives
The aim of this study was to examine the factors that affect consumers' intention to adopt mobile banking in the UAE. The following is a summary of the measures taken to achieve each objective and the conclusions that can be drawn from the results. 
Objective 1 investigated the relationship between Performance Expectancy and consumers’ intention to adopt mobile banking. Performance Expectancy was not a significant predictor, and H1 is not supported, indicating that for this experienced sample, the benefits of mobile banking have already been integrated into their everyday banking practices and no longer influence adoption intention.
Objective 2 examined the relationship between Effort Expectancy and consumers’ intention to adopt mobile banking. Effort Expectancy was a significant positive predictor and H2 is supported, showing that ease-of-use concerns at the transaction level remain relevant even for advanced users.
Objective 3 investigated the relationship between Facilitating Conditions and consumers’ intention to adopt mobile banking. Facilitating Conditions emerged as the strongest predictor in the model, and H3 is supported, demonstrating that bank-provided support infrastructure is a key determinant of adoption intention in the UAE.
Objective 4 explored the relationship between Social Influence and consumers’ intention to adopt mobile banking. Social Influence was not a significant predictor, and H4 is not supported, suggesting that peer influence is more relevant at earlier stages of adoption. Overall, results indicate that UAE banks aiming to increase adoption intention should prioritise ease of use and institutional support over performance-based and social strategies.



6.2 Practical Recommendations
The following recommendations are proposed to be implemented by the bank managers in the UAE to enhance the intention to adopt mobile banking based on the findings of this study: 

Firstly, banks need to invest in making customer support more available and of better quality. The most likely place that managerial investment will pay off is Facilitating Conditions, which became the most powerful predictor of adoption intention. In practice, this means ensuring live chat is always available and responsive in mobile apps, that dedicated helplines are easily accessible within the mobile app, and that in-app guidance is signposted at key points throughout complex transactions, such as transfers and bill payments. Additionally, banks are encouraged to proactively communicate to customers about the availability of these support services, as perceived availability of support services is what determines adoption intention more than actual availability (Alalwan et al., 2016; Raza et al., 2017). 

Second, financial institutions must minimize the mental strain of completing financial transactions through their mobile apps. Banks should reduce the number of steps users need to take to log in to their accounts and confirm payments by introducing biometric features like fingerprint or facial recognition, as Effort Expectancy was identified as a key factor in the adoption of Internet banking. Also, to minimize the burden on the UAE's large non-native speaking population, banks should offer clearer instructions and multiple languages for in-app transactions  and reduce the number of steps required for routine transactions like fund transfers and bill payments (Laukkanen, 2016; Lee, 2009). 
Thirdly, banks should re-evaluate their mobile banking marketing communication focus. In this study, the non-significance of Performance Expectancy indicates that, for the existing user base, messaging emphasizing the speed of service and access to accounts is unlikely to affect this population. However, messages that focus on the quality and availability of support services, and the ease of the transaction, are more likely to resonate with this population.



6.3 Limitations and Future Research
This study has several limitations. The research used a non-probability convenience sampling method; the 103 responses collected cannot be generalised to the wider UAE mobile banking population. Caution should therefore be applied when interpreting these findings beyond the boundaries of the present sample. The cross-sectional design captures perceptions at one point in time and does not permit causal conclusions. UTAUT’s four moderating variables — gender, age, experience, and voluntariness — were excluded from the regression due to sample size constraints. Finally, behavioural intention is used as the operationalisation of consumer adoption, consistent with prior UTAUT studies (Venkatesh et al., 2003; Alalwan et al., 2017); however, expressed intentions do not always lead to actual behaviour (Ajzen, 1991).
There are several opportunities for future research. A probability sampling approach would enable researchers to survey a more representative sample of UAE residents, allowing exploration of whether Performance Expectancy and Social Influence are more active drivers of adoption intention among less-experienced users. Longitudinal designs would enable tracking of how the salience of UTAUT constructs shifts over time as consumers gain experience, building on the temporal framework of Karahanna et al. (1999). Researchers could also incorporate UTAUT moderating variables such as gender and age, which would be particularly valuable given the cultural and demographic diversity of the UAE resident population. Finally, additional research on the specific components of Facilitating Conditions would provide insight into which types of bank-provided resources are most effective in strengthening consumers’ intention to adopt mobile banking in the UAE.
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Appendices
Appendix A
RESEARCH QUESTIONNAIRE
Factors Affecting Consumers' Intention Adoption of Mobile Banking in the UAE
Participant Information
This questionnaire examines the factors that influence consumers' adoption of mobile banking in the UAE. Mobile banking refers to financial services accessed through a bank's official smartphone application (e.g., ADCB Mobile, Emirates NBD, FAB Mobile, Mashreq Neo).
The questionnaire takes approximately 8–10 minutes to complete. Participation is entirely voluntary, all responses are anonymous, and no personally identifiable information will be collected. Data will be used solely for research purposes and will not be shared with any third party. You may withdraw at any time before submission without consequence.









SECTION 1:  Demographic Information
Please select the option that best describes you. All questions in this section are mandatory.
Q1.  What is your gender?
	□  Male
	

	□  Female
	



Q2.  What is your age group?
	
	□  35–44

	□  18–24
	□  45–54

	□  25–34
	□  55 and above



Q3.  What is your current occupation?
	□  Student
	□  Self-employed

	□  Employed (Full-time)
	□  Unemployed / Not working

	□  Employed (Part-time)
	□  Retired



Q4.  What is your highest level of education completed?
	□  High school or below
	□  Master's Degree

	□  Diploma
	□  Doctorate (PhD)

	□  Bachelor's Degree
	□  Other


Q5.  How long have you been using mobile banking?
	
	□  3–5 years

	□  Less than 1 year
	□  More than 5 years

	□  1–3 years
	



Q6.  How frequently do you currently use mobile banking?
	
	□  Regularly (once a week)

	□  Rarely (once a month or less)
	□  Daily or almost daily

	□  Occasionally (2–3 times per month)
	















Instructions for Sections 2–6
	1 = Strongly Disagree
	2 = Disagree
	3 = Neutral
	4 = Agree
	5 = Strongly Agree



SECTION 2:  Performance Expectancy (PE)
This section examines whether you believe mobile banking helps you accomplish your financial tasks more effectively.

	Statement
	Strongly Disagree
	Disagree
	Neutral
	Agree
	Strongly Agree

	1.  I find mobile banking useful for managing my financial needs.
	□
	□
	□
	□
	□

	2.  Using mobile banking enables me to complete my banking transactions more quickly.
	□
	□
	□
	□
	□

	3.  Mobile banking increases my productivity in handling financial tasks.
	□
	□
	□
	□
	□

	4.  Using mobile banking helps me make better and more informed financial decisions.
	□
	□
	□
	□
	□














SECTION 3:  Effort Expectancy (EE)
This section examines how easy you perceive mobile banking to be.

	Statement
	Strongly Disagree
	Disagree
	Neutral
	Agree
	Strongly Agree

	5.  My interaction with mobile banking apps is clear and understandable.
	□
	□
	□
	□
	□

	6.  It would be easy for me to become skilful at using mobile banking features.
	□
	□
	□
	□
	□

	7.  I find mobile banking apps easy to use.
	□
	□
	□
	□
	□

	8.  Learning to navigate mobile banking services is easy for me.
	□
	□
	□
	□
	□



SECTION 4:  Facilitating Conditions (FC)
This section examines the extent to which you have the resources, knowledge, and support necessary to use mobile banking.

	Statement
	Strongly Disagree
	Disagree
	Neutral
	Agree
	Strongly Agree

	9.  I have the necessary resources (e.g., smartphone, internet access) to use mobile banking.
	□
	□
	□
	□
	□

	10.  I have sufficient knowledge to use mobile banking apps effectively.
	□
	□
	□
	□
	□

	11.  Mobile banking apps are compatible with my devices and other applications I use.
	□
	□
	□
	□
	□

	12.  My bank provides readily available support (e.g., helpline, live chat) when I encounter difficulties with mobile banking.
	□
	□
	□
	□
	□









SECTION 5:  Social Influence (SI)
This section examines the extent to which people around you influence your decision to use mobile banking.

	Statement
	Strongly Disagree
	Disagree
	Neutral
	Agree
	Strongly Agree

	13.  People who influence my decisions and are important to me(e.g., friends, colleagues) think I should use mobile banking.
	□
	□
	□
	□
	□

	14. My colleagues and peers frequently use mobile banking, which encourages/influence me to do the same.
	□
	□
	□
	□
	□

	15.  Most people in my social circle regularly use mobile banking.
	□
	□
	□
	□
	□



SECTION 6:  Continuous Usage Intention (BI)
This section examines your intention to continue using mobile banking on an ongoing basis.

	Statement
	Strongly Disagree
	Disagree
	Neutral
	Agree
	Strongly Agree

	16.  I intend to continue using mobile banking on a regular basis.
	□
	□
	□
	□
	□

	17.  I expect mobile banking to remain a consistent part of my financial routine.
	□
	□
	□
	□
	□

	18.  I plan to rely on mobile banking as my primary banking channel on an ongoing basis.
	□
	□
	□
	□
	□
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